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1 Introduction

The process of human capital accumulation has long been identified as one of the most important
factors in development. And yet, in many developing countries, even with relatively high levels
of income, the stock of education has grown painfully slowly, despite high returns to acquiring
education. This is definitely the case for many countries in Latin America and a cause of concern
for policy makers.

The goal of this paper is to improve our understanding of educational decisions among poor
Mexican households in two dimensions: first, we investigate what are important determinants of
schooling decisions and whether they differ for male and female youths. In particular, we are
interested in the role of expectations about monetary returns to schooling and of perceptions of
labor market risks (i.e. earnings and unemployment risk) for different schooling scenarios. Second,
we analyze the decision-making process within the household with specific focus on the role of the
youth. We shed light on whose expectations matter in schooling decisions, the ones of the parents
or the ones of the youths, and whether this depends on the gender and age of the youth. To address
these questions we use a data set on Mexican junior and senior high school graduates that elicits
their own and their parents’ beliefs about future labor market outcomes for different scenarios of
highest schooling degree. In addition, we have information about the actual schooling choice and
an extensive set of controls.

Whether and at which age children should be considered as economic agents in household
decisions is an important empirical issue. Especially in the case of older children, it is quite likely
that parents are not the only ones who have a say, for example in education investment decisions.
Older children are likely to have better earning opportunities and are more likely to be autonomous
from parents. We suggest a novel approach to analyze intra-household decision-making based on
the use of subjective expectations of the different members within the household. In particular,
we test whether parents’ or youths’ expectations matter for education decisions (to the extent that
they are different). Understanding whether parents’ or youths’ expectations matter is important,
because not taking into account that children might be playing a role in household decisions —when
they actually do— could result in misleading explanations of investment into higher education. For
example, one might conclude that (parents’) expectations about returns do not matter, while those
of the youths do. This issue may have important implications for the design of public policy: the
program Oportunidades, for instance, is considering the possibility to pay part of their schooling
grants directly to the youths. This might improve the effectiveness of the intervention if youths
play an important role in the decision about school attendance and parents have only imperfect
control over the actions of the child.

We know surprisingly little about the importance of gender differences in the determinants
of schooling choices. Are there differences between boys and girls in terms of having a say in
schooling decisions? To what extent are the decision maker’s subjective expectations on the returns
to education different for boys and girls? To what extent do expected returns in the labour market

(and other variables) play a different role in the schooling decision for boys and girls? = These



questions are important for understanding gender differences in educational attainment as well as
for the effective design of programs intended to increase schooling among poor households.

Much of the existing literature on schooling decisions uses earnings realizations to measure or
proxy for expected returns to education. This approach relies on strong assumptions about people’s
information sets and about how people form expectations. Moreover, such an approach has to deal
with the issue that individuals with different levels of education whose earnings realizations are
observed are typically selected into that education level. We use data on subjective expectations
of earnings under different scenarios, and by doing so we avoid these problems.

We address our questions in the context of two schooling decisions: that of youths who have
just finished junior high school to enrol (or not) in senior high school, and that of youths who
have completed senior high school to enrol (or not) in college. We construct measures of expected
earnings, perceived earnings risk and perceived unemployment risk held by parents and youths
for different schooling scenarios, to study the extent to which these expectations affect education
choices of male and female youths.

We first show that there are important differences in parents’ and youths’ expectations about
earnings of one and the same person, the youth herself. We thus provide evidence on important
differences in information sets and/or ways of forming expectations between parents and youths.
This evidence in itself constitutes a strong justification for using direct measures of expectations.
Moreover, it provides us with the opportunity of testing whether parents’ or youths’ expectations
are relevant for schooling decisions. We therefore proceed to estimate a model of schooling decisions
to measure the importance of expected returns to education for boys and girls.

Our results on the intra-household decision-making process indicate that while mothers decide
about the schooling of their daughters (for both high school and college enrolment), they appear
not to be involved in the college enrolment decisions of boys. In families without father, boys are
the sole decision maker for both college and high school attendance decision. Risk perceptions

matter and they are particularly important from the perspective of the parents.

Related literature Our paper is related to a growing literature using data on people’s sub-
jective expectations to understand educational decisions. The seminal paper eliciting subjective
expectations of earnings for different schooling degrees is by Dominitz and Manski (1996). They
illustrate for a small sample of Wisconsin high school and college students that people are willing
and able to answer subjective expectations questions in a meaningful way, but do not analyze the
link between earnings expectations and investment into schooling. ! Three closely related papers
investigating the link between subjective expectations of earnings and schooling choices are Jensen
(2010), Kaufmann (2009) and Nguyen (2008).? Jensen (2010) investigates how perceived returns to

1See also the survey paper on the use of subjective expectations data by Manski (2004). Delavande, Giné, and
McKenzie (2009) survey the literature that uses data on subjective expectations in developing countries and find that
also in this context individuals are willing to answer the expectations questions and understand them reasonably well
(sometimes with the help of visual aids). There is, of course, a large literature on the (ex-post) effects of schooling
on earnings and other outcomes, see for example Card (2001).

2 Another related paper is by Stinebrickner and Stinebrickner (2009) who analyze how college students from low
income families form expectations about academic ability. Their results show that learning about ability plays a



education affect schooling investments using data from the Dominican Republic. He finds that the
students in his sample of 8th graders significantly underestimate returns to schooling. Informing a
random subset of the youths about higher measured returns leads to a significant increase in per-
ceived returns and in attained years of schooling among these students. Nguyen (2008) finds that
informing a random subset of students in Madagascar about high returns to schooling increases
their attendance rates and their test scores. Kaufmann (2009) uses the same Mexican data set as
this paper to analyze the causes and consequences of the large income gradient in college atten-
dance in Mexico. In particular, data on subjective individual expectations enable her to analyze to
what extent the gradient can be explained by the poor expecting lower returns to college than the
rich, for example due to ability and/or information differences. She finds that while differences in
expected returns only explain part of the gap, poor individuals require significantly higher returns
to be induced to attend college. Kaufmann (2009) tests implications of a school choice model in the
presence of credit constraints and finds that expected returns of students at the margin of attending
are significantly higher than average returns of people who already attend college, consistent with
credit constraints for poor high-expected-return students. Relative to these papers, we address
several complementary questions making use of unique features of the Mexican data.

One novel aspect of this paper is our focus on gender differences in the determinants of schooling.
The only paper we know of that uses data on subjective expectations (but not on risk perceptions)
to understand gender differences is by Zafar (2009), who analyzes the college major choice of un-
dergraduate students at Northwestern University. Another two recent papers also show the link
between schooling choices and returns to schooling —with some interest in gender differences— by
making use of (quasi) experimental changes in returns to schooling. Abramitzky and Lavy (2011)
make use of a policy change in Israeli kibbutzim, which increased returns to schooling. They ob-
serve that students in early-reforming kibbutzim increased their investment in education in terms
of matriculation rates and scores and male youths responded particularly strongly. Jensen (2011)
examines whether educational investments in girls in India respond to changes in employment op-
portunities. He provides recruitment services to young women in randomly selected rural villages
helping them get jobs in the business process outsourcing industry and finds that this intervention
increases schooling of girls in treatment villages. While the latter two papers do not use data on
subjective expectations, these data enable us to also analyze if perceived earnings and unemploy-
ment risk play a role in educational decisions (and if their role differs for boys and girls) and to
shed some light on who participates in the schooling decisions, the parents and/or the youth.

Thus our paper is also related to the large (theoretical and empirical) literature on intra-
household decision-making: ? we study how different members within the household decide about
educational attainment of the children. We are particularly interested in the role of children/youths
as decision-makers and how this depends on the gender of the youth, a question that has not

been studied much. Instead children have been modeled as household public goods (see, e.g.,

very prominent role in the college drop-out decision. Arcidiacono, Hotz, and Kang (2011) use data on subjective
expectations of students at Duke University to explain college major choices.

3For papers rejecting the unitary model, see for example Duflo (2003), Duflo and Udry (2004), Fortin and Lacroix
(1997) and Thomas (1990) and for papers on the collective model, see for example Browning and Chiappori (1998)).



Blundell, Chiappori, and Meghir (2005)) or incorporated through the “caring preferences” of their
parents (see, e.g., Bourguignon (1999)). Notable exceptions are the studies by Dauphin, Lahga,
Fortin, and Lacroix (2008) and Giustinelli (2011). The former tests restrictions of a theoretical
model on consumption decisions and infer the minimum number of decision-makers in three-person
households from parametric constraints. Using UK data, the authors of this paper provide evidence
that children start playing a role in consumption decisions at age 16. Giustinelli (2011) analyzes
high school curriculum choices of Italian youths modeling the decision based on a direct question
about who is the decision-maker and data on subjective expectations.

Berry (2011) uses a very different approach and analyzes whether the identity of the recipient
of cash incentives —either the parent or the child— can influence the effectiveness of conditional
cash transfer programs.* More closely related is a paper by Dinkelman and Martinez (2011) who
investigate the role of information in schooling decisions. They evaluate a field experiment that
exposed Chilean adolescents and a subset of parents to information about financial aid for higher
education. They find that financial aid knowledge improves, enrollment in college preparatory
high schools rises, and absenteeism falls. Parental exposure to information does not magnify any

behavioral effects.

Outline The rest of the paper is organized as follows: Section 2 discusses a basic model of
education choices that provides a basic conceptual framework that can be used to address the two
main questions asked in this paper: the determinants of education choices and the identity of the
decisions makers within the household. Section 3 describes in detail the data, in particular the
module on subjective expectations, and presents some summary statistics on attendance rates and
a variety of background variables.

While data on subjective expectations allow researchers to address important questions reduc-
ing the need for ad hoc assumptions about information sets and expectation formation, concerns
are sometimes raised about these data. These concerns range from the ability of individuals to
answer such questions meaningfully to endogeneity of expected returns, possibly induced by ex-
post rationalization. For this reason, in Section 4, we provide evidence that people are able to
give meaningful answers to the subjective expectation questions. In Section 4 we also investigate
how informed parents and male/female youths are about potential returns to schooling as well as if
there are differences in expectations between parents and youth about future earnings of the youth.
Section 5 discusses the main results we obtain. In this section we also address the concerns related

to the use of subjective expectation data. Section 6 concludes.

“Berry (2011) conducts a field experiment in India giving incentives to achieve a specific reading goal. While this
approach has the advantage to directly shed light on preferences of children versus parents, a potential caveat of
this type of analysis could arise from the fact that the act of giving conditional cash to children might change the
dynamics in the household. For example, before the introduction of the policy children might not have participated
in educational decisions, but once they receive conditional cash they start playing a role.



2 Schooling Decisions and Returns to Schooling.

In this Section, we provide a simple conceptual framework that allows us to tackle the two main aims
of this paper: to characterize the determinants of education choices for boys and girls from poor
Mexican households and to shed some light on the intra-household decision-process of schooling

decisions in terms of whose expectations play a role.

2.1 Determinants of Enrolment.

One possible approach to analyze the relationship between enrolment and expected returns would
be the construction of a full dynamic optimization model where individuals choose current activities
taking into account current and future benefits and costs of the alternative choices. This type of
models has been proposed, for instance, by Keane and Wolpin (1997) and used in a variety of
contexts (see, for instance, Todd and Wolpin (2006) and Attanasio, Meghir, and Santiago (2011)).
Kaufmann (2009) shows how data on people’s subjective expectations can be used in a simple
model of college enrolment choice. In this paper, rather than following this route, we present probit
regressions that relate the probability of enrolment to several control variables, and to subjective
expectations of earnings. In a fully specified model, schooling decisions are determined by the entire
probability distribution of future earnings under alternative scenarios. Here we assume that the
effect of this distribution can be summarized by a few moments of the distribution of earnings at
age 25. In addition, we control for current labour market conditions through state dummies and
for family background and ability through several variables we observe in our data set.
Specifically, to model the decision to enrol in senior high school, having completed junior high,
we use a latent index model which we estimate on the sample of junior high school graduates.
Denoting with S the enrolment decision (S = 1 if the individual decides to attend and S = 0

otherwise) we have:

3 3 3
S=leS =a+) B,xp.+ Y v.xVar(logYz)+> 6.« PV + X'0+U > 0. (1)

z2=2 z=1 z=1

where z = 1,2, 3 denotes junior high school, senior high school and college, respectively. The
vector X contains a number of control variables that are likely to affect the schooling decision,
ranging from measures of individual ability to parental background and state fixed effects and 6
denotes the vector of corresponding parameters. In terms of subjective expectation measures p,
denotes the expected (gross) returns to senior high school (z = 2) and college (z = 3) defined as
p, = E(logY,) — E(logY,_1), where E(logY,) is the expected value of the distribution of (log)
earnings at age 25 for the scenario that degree z (z = 1,2, 3) is the highest completed by the youth.
Var(logY,) denotes the variances of future earnings under different schooling scenarios and P}V
the subjective probability of employment under different scenarios, as discussed further below.

We obviously expect the return to senior high school relative to junior high school, as perceived
by the individual, to have a positive effect on the decision to attend senior high school. In Equa-

tion (1), we also include the expected return to college to capture the fact that attending (and



completing) high school provides the option to attend college later on.

In addition to the expected return, we also want our empirical model to take into account the
possibility that the riskiness of a given investment might affect schooling decisions. For this reason,
we enter, as determinants of the schooling decision, the variances of the future earnings under
different schooling scenarios Var(logY,). Moreover, as the questions on future expected earnings
are conditional on working, we enter the subjective probability of employment under different
scenarios, PJV.

One would expect a high perceived earnings risk with a junior high school degree to have a
positive effect on the probability of continuing to senior high school, and a high variance of log
earnings with a senior high school degree to have a negative effect. On the other hand, for the
decision to continue to senior high school, a high variance of log earnings after college increases the
option value of continuing to senior high school. By enroling in senior high school, one can wait for
additional information while still having the option to go to college. The specification in Equation
(1) is flexible enough to be able to capture these aspects.

Usually, proxies for ability, such as GPA and parental education, are supposed to capture
differences in the ability to benefit from high school or college through higher expected returns
(see, e.g. Cameron and Heckman (1998) and Cameron and Heckman (2001)) as well as differences
in psychological costs/benefits of attending college. However, such variables are only imperfect
proxies of the returns that an individual can obtain from her education. Skills are likely to be multi-
dimensional and can hardly be captured even with good data on test scores. In addition, individuals
have idiosyncratic knowledge about these skills. Since what matters for the individual’s decision is
her perception of her skills and her beliefs about how they affect future earnings (conditional on her
information set at the time of the decision), this provides a strong rationale for using “perceived”
returns and “perceived” risk. We nevertheless also control for GPA and parental education to proxy
for preferences for education and for the probability of completing senior high school or college.

To model the decision to enrol in college —taken by youths who have just completed senior high
school—, an equation analogous to (1) can be used. The only modification we need to make is that
we consider only the distributions of earnings under the two relevant scenarios for a youth who has
just graduated from senior high school: to stay with the degree that she received already or to get

a college degree (z = 2,3). We therefore get:

3 3
S=1eS" =a+ps%ps+ > v.xVar(logY.) + > 6.« PV + X'0+V > 0. (2)

z=2 z=2

As in the case of the high school enrolment decision, we include measures of expected returns
and perceived risks, while controlling for individual and family background characteristics and for
state fixed effects.

To examine the question of gender differences in the determinants of schooling, we completely

interact each regressor with a male and a female dummy to test for differential effects.



2.2 Whose Expectations Matter for Schooling Decisions, Parents’ or Youths’?

To learn more about the decision-making process within the household, we ask whose expectations
matter for education choices. Obviously, the answer is likely to depend on the age and potentially
also on the gender of the child/youth. One is therefore likely to obtain different results when
modeling the decision to attend primary, secondary and higher education. Especially for youths
who have finished high school and are deciding whether to enrol in college, the assumption that all
decisions are taken by parents might be too strong.

Of course, if youths’ and parents’ expectations were fully rational and based on the same
information, they would coincide. However, if either the information set or the way it is processed
differ, subjective expectations of the different actors might differ. One goal of this paper is to test
whether expectations differ systematically between parents and youths and whose expectations are
relevant for the decisions, while we allow for gender differences.

If one had data on both parents’ and youths’ expectations one could address this question
as follows. Neglecting the variance terms, the model we would want to estimate for both school

attendance decisions is as follows:

S =1« 8" =a+ X'B+~p x ParentsiExpectations + 7y * Y ouths! Expectations + W > 0. (3)

Clearly the parameters p and yy are separately identified only if the two sets of expectations
differ. In what follows we will show that this is the case in our data. As we discuss below, our data
does contain information on the subjective expectations held by mothers as well as by the youth,
but unfortunately this information is not as complete as we would like. Therefore the estimation

of Equation (3) involves the solution of a number of econometric problems we discuss below.

3 Data

The conditional cash transfer program Oportunidades, previously known as PROGRESA, has been
associated since its inception with attempts to evaluate its impacts. In this spirit, when the program
introduced in 2002/3 a new component known as Jdvenes con Oportunidades, an evaluation aimed
at measuring its impact was started. The data we use was collected in 2005 as part of that
evaluation. As we discuss below, in addition to standard variables, the survey contained a detailed
subjective expectation module which we use extensively. In this section, we describe the data and
its structure. We also describe in some detail the module used to elicit information on subjective

expectations and report some evidence on the quality of these data.

3.1 The Survey

The evaluation survey of Jdvenes con Oportunidades was conducted in the fall 2005. Jdvenes
con Oportunidades provides an additional grant to youths in the last three years of high school

(preparatoria). This grant is deposited into a bank and can be accessed only upon graduation,



if the recipient engages in one of several activities (such as going to college or starting a micro
enterprise). Alternatively, the recipient has to wait for a year during which time the amount, about
US$300, accumulates at the market interest rate.

The primary sampling units of the evaluation survey are individuals who have just graduated
from senior high school or from junior high school and who are eligible for Jdvenes con Oportu-
nidades. There are three eligibility criteria: being in the last year of junior high school (9th grade)
or attending senior high school (10 to 12th grade), being younger than 22 years of age, and being
from a family that benefits from Oportunidades.

The survey consists of a family questionnaire and a youth questionnaire administered to each
household member aged 15 to 25. As a consequence, the youths for whom we have data are not
only the primary sampling units but also their siblings, provided they are aged 15 to 25. In total
we have about information on about 23,000 youths. The questions in the youth questionnaire were
addressed directly to the youth. However, if a specific youth was not present during the interview,
the module was answered by the main respondent, who is generally the mother.

It is important to keep in mind that the overall sample includes all youths aged 15 to 25,
regardless of their schooling status. In our analysis we concentrate only on students who just
finished grade 9 (junior high school graduates) and decide about enroling in senior high school, and
students who just finished grade 12 (senior high school graduates) and decide about enroling in
college or not. There are about 2500 observations for each of the two groups of interest. We use
the data on the siblings sample for a number of robustness exercises on the expectations data.

The survey provides detailed information on demographic characteristics of the young adults,
their schooling levels and histories, their junior high school GPA, and detailed information on
their parental background and the household they live in, such as parental education, earnings and
income of each household member, assets of the household and transfers/remittances to and from
the household. The youth questionnaire contains a section on individuals’ subjective expectations

of earnings as discussed next.

3.2 The Expectations Module

The subjective expectations module was designed to elicit information on the individual distri-
bution of future earnings and the probability of working for different scenarios about the highest
completed school degree. The module starts with a simple explanation of probabilities. In particu-
lar, individuals are shown a ruler, graded from zero to one hundred, which is then used to express
the probability of future events. The example that is used to illustrate the concept of probability
is the event of rain the following day.

After explaining the use of the ruler to express probabilities and having practised that with the
rain example, the interviewer moves on to discuss future earnings and the probability of working
under different schooling scenarios. The scenarios differ for students graduating from junior high
school and those graduating from senior high school. For the former, the interviewer asks to consider
three different possibilities: that the student stops after junior high, that the student goes on to

senior high, completes it and stops and that the student goes on to college and completes it. For



the latter, only two scenarios are considered: that the students stops at senior high school and that
the student goes on to college and completes it.

For each of the relevant scenarios, the youth is then asked questions about the probability of
working at the age of 25 and about future earnings at age 25. For example, in the case of the last

scenario for a senior high school student, the questions are:

1. Assume that you complete College, and that this is your highest schooling degree. From zero

to one hundred, how certain are you that you will be working at the age of 257

2. Assume that you complete College, and that this is your highest schooling degree. Assume
that you have a job at age 25.

(a) What do you think is the maximum amount you can earn per month at that age?
(b) What do you think is the minimum amount you can earn per month at that age?

(¢) From zero to one hundred, what is the probability that your earnings at that age will be

at least x?

where z is the midpoint between maximum and minimum amount elicited from questions (a)
and (b) and was calculated by the interviewer and read to the respondent. It is important to
remember that these questions were included in the youth questionnaire and therefore are available
for every youth in the household aged 15 to 25. Moreover, when a specific youth was not present,
these questions were answered by the mother. This implies that, for some households, we have
mother’s expectations about returns to education. Notice, however, that we do not have father’s
expectations and that the structure of the data poses a number of selection issues that we discuss
at length below.

This type of subjective expectations questions has been used extensively in a variety of contexts.
In a companion paper (Attanasio and Kaufmann (2008)), we discuss the internal and external
validity of the answers to these questions in our survey. In that paper, we show that respondents
seem to have understood the questions reasonably well and that the data pass a number of internal
and external validity tests. Below, we report the results which are most relevant for the analysis
in this paper.

In what follows, we relate educational decisions to subjective expectations. This is possible
because of the timing of the survey. The Jdvenes survey was conducted in October/November
2005, that is two or three months after high school and college had started and enrolment decisions
had been made.

While the timing of the survey (which occurred just after the school enrolment decision had
been taken) allows to use the expectations data to estimate an enrolment model, it might also raise
a potential concern that individuals might try to rationalize their choices. For example, individuals
who decided to enrol in college rationalize their choice by stating higher expected returns to college

(that is higher college earnings and/or lower expected high school earnings), and those, who decided



not to enrol, state lower expected returns to college. This would lead to a more dispersed cross-
section of returns after the decision compared to before the enrolment decision.’

To check whether ex-post rationalization introduces biases in expectations, we look at the expec-
tations data of the siblings of our main subjects. Let us consider, for instance, the college enrolment
decision of senior high school graduates. We can compare the cross sectional distribution of the
expectations of our senior high school graduates to the expectations of the cohort of youths who are
one year younger (just starting grade 12 at the time of the survey in October/November). If the
older youths are ex-post rationalizing their choices, we would expect a cross-sectional distribution
of expected earnings and returns that is more spread out for the cohort of senior high school grad-
uates who have decided already whether to enrol in college or not, compared to the distribution of
the cohort that is one year younger and just starting grade 12. The same reasoning should hold for
perceptions of the probability of working. In Section 5.2 we discuss this issue at length and present

evidence that our main results cannot be explained by ex-post rationalization.

3.3 Calculation of Expected Earnings, Perceived Earnings Risk, and Expected
Gross Returns to Schooling

We use the answers to the three survey questions (2(a)-(c)) described above, together with some
additional assumptions, to compute moments of the individual earnings distributions and expected
gross returns to high school and college. We are interested in the individual subjective distribution
of future earnings f(Y?) under the three possible scenarios of final education attainment we are
considering: junior high school (z = 1), senior high school (z = 2) and college (¢ = 3). The
survey provides, for each individual, information on the support of the distribution [yZ,., Yiae)
and on the probability mass to the right of the midpoint, y7 ., = (¥7,i,, + Yiaz)/2, of the support,
p=Pr(Y?>yZ.,). Thus we need an additional distributional assumption, f(-), in order to be able
to calculate moments of these individual earnings distributions, using the three pieces of information
on Ylins Yrae and p. Given such an assumption on f(.), we can compute all the moments of any
function of future earnings under different scenarios we are interested in. For example, the expected
value of log future earnings for each individual and each scenario (z = 1,2,3) will be given by
E(lnY?) = [% lnyfy-(y)dy.

For many of the specifications we estimate below, we consider the (gross) returns to college
and senior high school. We compute these as the difference between expected log college (senior
high) earnings and expected log senior high school (junior high school) earnings, p* = E(In(Y?)) —
E(In(Y*71)) for 2 =2,3.5

In Attanasio and Kaufmann (2008), we use three different distributional assumptions, step-wise

SThis is true unless people switch positions in the distribution in such a way that the resulting cross-section looks
exactly the same as before. This can only be the case if the people who decide to enrol in college are the ones with
particularly low expected returns, and they later report high returns to college to justify their decision. And similarly,
the people who decide not to enrol in college are the ones with particularly high returns and they later state low
expected returns.

5Notice that, as we have no information on the covariance of earnings under different scenarios, we cannot compute
the variance of the return. For this reason, to capture the risk aspect of education choices we consider the variance
of (log) earnings.
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uniform, bi-triangular and triangular (compare Guiso, Jappelli, and Pistaferri (2002)). The last
two assumptions give more weight to the middle of the support and less to the extremes. The
first, instead, implies a relatively large value for the total variance. We rule out the possibility that
the density function is U-shaped, giving more weight to the extremes. In our companion paper,
we show that the first moment of the individual distribution is extremely robust with respect
to the underlying distributional assumption, while the second moment is obviously larger for the
step-wise uniform distribution that puts more weight on extreme values. In this paper we present
results based on the triangular distribution, but we perform robustness checks using the other two

distributional assumptions and point out differences if they occur.

3.4 Mother and Youth Expectations.

To determine whose expectations matter for enrolment decisions, one would ideally want to have
data on both parents’ and youth’ expectations. Unfortunately, we have to deal with two important
issues. First, we do not have information on fathers’ expectations. We discuss and interpret our
results in the light of this drawback and present evidence for the around 20% of households in
which there is no father present, because the mother is single, separated, divorced or widowed.
Second, the questions on the subjective distributions of earnings were not asked to both mother
and children at the same time.

The interviewer visited the primary sampling units and their families in October and November
2005 and interviewed the household head or spouse using the family questionnaire and youths
between age 15 and 25 using the “Jovenes” (youth) questionnaire. If a youth was not present, the
household head or spouse answered the Jovenes questionnaire as well. As a result, for almost half
the sample, the questions on the subjective distribution of future earnings were not answered by
the youth herself. Instead mothers stated their expectations about future earnings of her child(ren)
that are not present during the interviewer’s visit.

While it is unfortunate that we do not have information on the expectations of both mothers
and children, the fact that for half the sample the earnings expectations questions were answered
by youths, while for the other half the questions were answered by the mother allows to ask
whether expectations held by mothers and youths about the youths’ future earnings are different.
If subjective expectations of mothers and youths were objective and rational expectations based on
the same information, it would not matter who would answer (and the issue of whose expectations
matter would be a moot one). It is therefore interesting to establish, whether the expectations of
future earnings are systematically different depending on who answered the question.

In Section 4, we compare the expectations of mothers and youths. A straight comparison
shows that these expectations are systematically different. Given the structure of the data, these
differences can arise either because the questions answered by the mother and by the youth are
measuring two different and distinct objects (the subjective probability held by the mother and
the subjective probability held by the youth) or because the sample of youths absent from the
interview (and for whom the question is answered by the mother) is systematically different from

those present during the visit.
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To take into account the possibility that the observed differences are due to sample selection
and test for the presence of actual differences in expectations, we use a standard Heckman two-step
approach (see Heckman (1979)). To achieve non-parametric identification of such a selection model,
we need one or more variables that determine whether the question is answered by the youth rather
than the mother and that, plausibly, do not affect the expectations directly. For such a purpose,
we use information on the timing of the interview (the time of day of the interview, whether it
took place on a weekday or weekend and whether it took place during weeks of holiday or not) to

estimate the following equation:

R=1R=6+X'k+Z'\+€>0, (4)

where R = 1 indicates a youth respondent and the vector Z includes the timing of the interview
variables. We will show that the timing of the interview is a strong predictor of whether the youth
is at home to answer the expectation questions. In what follows, we will be using this selection
model both to test for differences between youths’ and mothers’ expectations and to estimate the

school decision model, as we discuss below.

4 Subjective Expectations.

Before using the data on subjective expectations to model schooling choices, we describe the general
patterns and provide some evidence on their quality. Further details on internal and external
validity checks are contained in the companion paper Attanasio and Kaufmann (2008). We also

discuss some of the econometric issues involved with the use of these data.

4.1 Descriptive Statistics: Characteristics of the Youth.

Tables 1 and 2 report summary statistics of individual and family background characteristics for the
“young” cohort (junior high school graduates) and the “old” cohort (senior high school graduates),
respectively. We present results separately for male and female youths and for the two samples of
mother and youth respondents to investigate whether there are potential sample selection problems
when performing the analysis separately for each type of respondent.

Around 79% of boys with a junior high school degree decide to enrol in senior high school
compared to 83% of girls. In terms of college enrolment 29% of male high school graduates enrol in
college compared to 32% of girls. Mexico has reached the stage where boys’ and girls’ educational
attainment is very similar (or even higher in the case of high school enrolment), while for example
in the US girls have overtaken boys in terms of both high school and college attainment (see Goldin,
Katz, and Kuziemko (2006)). Comparing the samples of mother and youth respondents, enrolment
rates are significantly lower for the youth sample in the case of the old cohort. For example,
enrolment rates for girls are 24% for the youth sample compared to 40% of the mother sample
(24% versus 33% for boys), which can be explained by the fact that youths who enrol in college

are less likely to be at home when the interviewer arrives to conduct the survey (and they are thus
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less likely to be in the youth sample). In the case of the young cohort, there are no significant
differences in enrolment rates between the samples of mother and youth respondents.

In what follows, we make use of data on GPA (grade point average between 0 and 100) of junior
high school as a proxy for academic achievement. Tables 1 and 2 show that girls have a significantly
higher GPA than boys for both junior and senior high school graduates. This is consistent with
empirical evidence for many countries that girls outperform boys at school (see Goldin, Katz, and
Kuziemko (2006)). Comparing Tables 1 and 2, we notice that individuals of the older cohort have
a slightly higher GPA than those of the young cohort. This most likely reflects the fact that the
senior high school graduates are a self-selected sample compared to the junior high school graduates
who might or might not attend and finish senior high school. In the case of the young cohort, there
are significant (on 10%) but small differences between the sample of mother and youth respondents
for girls, with higher GPA for the mother sample (82.8 versus 82.1). For the old cohort, there are
significant but small differences between mother and youth sample, this time only for boys, again
with higher GPA for the mother sample (81.8 versus 81).

To control for parental education as one of the most important determinants of children’s
schooling choices, we use information on parents’ years of completed schooling in the form of four
education dummies for both mother and father (unless the household is single headed): for primary
education, junior and senior high school and university. For the young cohort, about 70% of mothers
and fathers have only some primary education, while around 25% have attended junior high school.
Fathers’ education is slightly higher than that of mothers: about 6% have attended senior high
school (3% for mothers) and 1% have some university education (0.7% for mothers). For the old
cohort, parents are slightly less educated (75-80% primary and 17-18% secondary education). There
are few and only small differences between mother and youth sample: for the young cohort, mothers
in the mother sample are slightly less educated in the case of boys. For the old cohort, mothers in
the mother sample are slightly less educated in the case of girls.

We create three per capita income categories, where the thresholds are equal to twice and four
times the minimum wage.” For the young cohort, about 40% of the sample is in the lowest income
category (that is yearly per capita income is below 5000 pesos) and thus relatively poor, reflecting
the fact that our sample only consists of Oportunidades families. 35% are in the second highest
category (5000 to 10000 pesos) and the remaining 25% in the top income category. The old cohort
is slightly poorer with about 55% in the lowest income category. Differences between mother and
youth sample are only significant in one instance for the young cohort, that is for girls the mother
sample is poorer —consistent with lower parental education (see above).

The same pattern for young and old cohort can be found in terms of father’s occupation: For
the young cohort, 30% of fathers are unskilled workers, another 50% employees, around 18% are

self-employed, 1.5% are family workers and less than 0.9% are employers. For the old cohort the

"Per capita parental income is constructed using parental income —such as parents’ labour earnings, other income
sources such as rent, profits from a business, pension income etc and remittances— divided by family size. Median
yearly per capita income is 6066 pesos (approximately 606 US$). We add the income measures in the form of
dummies to allow —in a flexible way— for nonlinear effects of income. The reason for the chosen income thresholds
is their approximate correspondence with eligibility requirements for receiving fellowships (even though they are
quantitatively not very important, see Kaufmann (2009)).
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numbers are 43%, 28%, 24%, 3.5% and 0.8%, respectively. Thus fathers in the youth sample are
significantly less likely to be unskilled workers or self-employed and more likely to be employees.
Comparing mother and youth samples, fathers in the youth sample are significantly more likely to
be employees (and less likely to be self-employed or unskilled worker) than in the mother sample.

Part of the analysis that follows is conducted on the subsample of households where the father
is not present because the mother is single, separated, divorced or widowed. In our sample about
22% (15%) of students of the young (old) cohort live in a household without father. There are no
significant differences between boys and girls. Differences between mother and youth sample are
only significant for the old cohort in the case of boys, where boys in the youth sample are more
likely to live without a father. This can be explained by boys being more likely to stay at home, if
there is no father in the household.

Another potentially important factor in schooling decisions is the number of siblings (in addition
to the resource effect which we aim to capture by controlling for parental income divided by family
size). For the young cohort, male and female youths have around 1.4 brothers and 1.4 sisters. In
the case of the old cohort, male youths have around 1.44 brothers, female youths have significantly
less brothers (1.36), while male youths have less sisters than female youths (1.26 versus 1.46). This
pattern is similar for the young cohort but not significant. Differences between the youth sample
and mother sample are only significant for the old cohort: Boys and girls in the mother sample
have significantly more brothers (on 10%).

Public schools in Mexico do not charge tuition fees, while public universities charge for enrolment
and tuition. In addition, in the case of university education, youths are much less likely to have a
university close to their locality of residence compared to senior high schools. Therefore direct costs
will be particularly important for the decision to attend college. We proxy for costs of living using
the distance from the locality of residence of the youth to the closest university and for tuition costs
in nearby universities (for the data sources and the exact definition of the variables, see Kaufmann
(2009)). Around 50% of the youths live less than 20 km from the closest university (a distance
which might allow daily commute), while around 25% live either between 20 and 40 km or more
than 40 km from the closest university. There are no significant differences between boys and girls
or mother and youth sample. Concerning tuition costs, about 40% of youths face tuition costs of
more than 750 pesos, which corresponds to more than 15% of per capita median income and thus
implies a substantial burden in particular for poor families. Tuition costs are significantly higher in
the case of the youth sample compared to the mother sample, because youths in the youth sample
live in larger cities with universities that charge higher fees.

We can summarize the evidence from Tables 1 and 2 by saying that the features of the sample
reflect that we are working with families that are beneficiaries of a welfare program targeted to
the poorest sector of Mexican society. The differences between girls and boys we observe are
conform to our expectations and confirm findings of other empirical studies, for example the fact
that girls outperform boys at school. There are some (usually small but) significant differences
in individual characteristics and family background variables between the subsample where the

earning expectations questions were answered by the youth and the subsample where they were
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answered by the mother. The selection process is very similar for boys and girls: For the young
cohort, the youth sample is from slightly more educated and richer families. For the old cohort, the
youth sample is more likely to have fathers who are employees (instead of workers) and to have less
siblings. Finding differences between mother and youth sample points towards a potential sample
selection in our analysis of these questions, which we address, as discussed below. We now turn to

analyze the differences in subjective expectations.

4.2 Youth vs Mother Respondents: A Selection Equation.

As mentioned above, to test whether observed differences in expectations of mothers and youths
reflect actual differences in expectations or differences in the composition of the two samples, we
estimate the selection equation (4). In particular, we model the probability that the youth answers
the questionnaire (rather than her mother) as a function of all the variables in Tables 1 and 2 and
of a set of variables capturing the timing of the interview. For brevity, we discuss the main findings
here, while we report the complete set of results in Tables 13 and 14 in Appendix B.

For the young cohort, (male and female) youths who answered the subjective expectations
questions themselves (because they were present at the moment of the interview) are more likely to
have fathers who are employees instead of unskilled workers and to have a slightly lower GPA. For
the old cohort, youths who answer themselves are more likely to have a father who is an employee,
have less siblings and are more likely to be from a family without father present. Reassuringly, the
selection process is very similar for boys and girls.

When considering the timing variables that identify the possible differences between the two sets
of expectations (and below the schooling equations) we experimented with various set of variables.
We find that, in our sample, the time of day of the interview does not affect much the probability
that the youth is present (and therefore answers the expectations questions). However, the day of
the week dummies and the indicator for holiday weeks are strongly significant determinants of who

is the respondent with F-statistics of 32 and 18 for young and old cohort respectively.

4.3 Descriptive Statistics: Subjective Expectations

In Tables 3 and 4, we present summary statistics for the variables derived from the subjective
expectations questions for the young and old cohort. The top two panels of the Table report
expected log earnings and expected (gross) returns. The bottom two panels, instead, focus on
perceived earnings and employment risk for three different schooling degrees, junior and senior high
school and college (or the latter two in the case of the old cohort). We summarize these measures
separately for male and female youths, and separately for mother and youth respondents. In
columns 3 and 6 of these Tables, we test the hypothesis that the youth’s and mother’s expectations
are the same. We use the selection equation (4) we have just discussed to correct for the possibility
that the observed means differ because youths who answer the questionnaire might be systematically
different, in some non observable dimension, from youths whose mother answers the questionnaire.

Not surprisingly, but reassuringly, expected log earnings increase in schooling level. Gross
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returns to schooling —measured as the difference between expected log earnings of two consecutive
schooling degrees— are large and larger for college than high school. Comparing male and female
youths when youths respond themselves, males expect slightly higher earnings and lower returns.
Mothers on the other hand expect surprisingly similar earnings and returns for boys and girls.®

Standard deviations of log earnings are one possible measure of (perceived) earnings risk and
commonly used for measuring risk in the case of observed earnings. It is important to point out
that having information on the individual earnings distributions (e.g. in the form of minimum,
maximum and probability above the midpoint) allows us to derive a measure of “true” risk, as
perceived by the individual, while using the variability of observed earnings data will confound
risk with unobserved heterogeneity. Moreover, observed variability will not distinguish between
predicted and unpredicted changes.

Perceived earnings risk, as measured by the standard deviation of logs, decreases with education
and is lowest for the expectations of earnings conditional on having a college degree. At the same
time the probability of work increases with education. Thus lower income risk could be another
important motivation, in addition to higher expected earnings, for achieving higher schooling. Male
and female youth respondents perceive a very similar level of earnings risk, while males perceive a
slightly higher probability of working, where the difference decreases again in schooling level.”

The third and sixth column of Tables 3 and 4 present results of the test of the differences
between youths’ and mothers’ expectations, for each of the subjective expectation measures, i.e.
for expected earnings, expected returns, perceived probability of working, and earnings risk. Table 3
shows results for the young cohort. Mothers’ expectations about future earnings of her children are
higher than the expectations for the youth sample. For girls, mothers expect 63% higher junior high
school earnings, 44% higher senior high school earnings and 19% higher college earnings, where the
first two differences are significant. For boys, mothers’ expectations of junior high school earnings
are around 20% higher than those of the male youths, though the difference is not significant.

In terms of expected returns, mothers expect lower high school and college returns than youth
(difference is not significant for college for boys).

Mothers perceive a significantly lower earnings risk than boys and girls with respect to junior
high school earnings and in addition with respect to senior high school earnings for boys. The
perceived probability of working is similar for mother and youth respondents, except for boys
perceiving a higher probability of working with a senior high school.

According to Table 4 differences in expectations between mothers and youths are small for the
old cohort, also after correcting for potential sample selection. At the same time we have seen that
the composition of the two samples is slightly different (see Tables 1 and 2). Therefore we will
also control for compositional differences in the next section. We will see that there are important

differences in expectations also for the old cohort.

81n the next section, we present results of several validity checks including a comparison of our data on subjective
expectations to earnings data from the Census, see Table 15 in Appendix B.

9In addition to second moments, one can consider higher moments of the distribution. Looking at the skewness,
one finds that, on average, individual earnings distributions are left-skewed (i.e. the probability to have earnings
above the midpoint is larger than 0.5) and increasingly left-skewed with increasing schooling level.

16



Our results suggest that there are genuine differences in mothers’ and youths’ expectations.
Informational differences between mother and youth respondents are particularly important for the
young cohort. For example, girls’ expectations of earnings are consistently lower than mothers’
expectations for all schooling scenarios and differences are large.

These results underline the importance of understanding whose expectations are relevant for
school choices, the ones of the mothers or the ones of the youths themselves. We pursue this issue
in Section 5, after presenting some results to support the validity of the expectation data that we

use in the rest of this paper.

4.4 Data Validation: Expected Earnings and Individual Characteristics

An additional interesting exercise consists in relating the expected value of future earnings to a
number of observable variables, such as those listed in Tables 1 and 2. Such an exercise serves
two purposes. First, as a validation exercise, we can check whether expected earnings vary with
observables in a way similar to actual earnings. We expect people to draw inferences about their
own potential earnings from what they observe from others. Thus finding that expectations vary
with observable characteristics in a way similar to observed earnings lends support to their validity.
In Appendix B we also compare our data on subjective expectations to Census data on earnings
and discuss this comparison in detail.

Second, using again the selection equation discussed above, we can test the hypothesis that, after
controlling for these observable variables, whose averages are slightly different in the two samples of
youth and mother respondents, expected earnings are still different. That is, we can test formally
the hypothesis that the differences in expectations are not induced by the different composition of
the two samples of different respondents, but reflect genuine differences in expectations. We report
the estimates of the coeflicients obtained relating expected earnings to these variables in Tables
5 and 6. The coefficient on the youth respondent dummy, in the first row, should be interpreted
as the test of differences in expectations between mothers and children, conditional on observables
and corrected for potential sample selection.

Table 5 presents results for the young cohort. For boys, having a father who is an employer
significantly increases expected senior high school and college earnings. Expectations of junior and
senior high school earnings are decreasing in the number of brothers a boy has, possibly because
this decreases the likelihood that he can take over the (small-scale) business of the father. For girls
on the other hand, earnings expectations with senior high school and college are significantly lower
when they have a father who is an employer, while expected earnings are larger when the girl comes
from a richer family. Maybe surprisingly, expected junior high school earnings are significantly lower
for girls whose mother is slightly more educated (on 10%), while expected college earnings are higher
when the father is more educated. For the young cohort a higher GPA is not associated with higher
expected earnings in contrast to what we find for the older cohort.

For the older cohort Table 6 shows that a higher GPA is associated with significantly higher
earnings, in particular for college as the highest degree. For boys expected earnings increase in

the number of sisters, which is somewhat harder to interpret, and expected high school earnings
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are larger if the boy is from a richer family. Expectations about girls’ earnings on the other hand
are lower if the mother is single, separated or divorced and there is no father in the household and
lower if the father is a family worker. Again girls expected earnings are lower if the mother has a
junior high school degree instead of less education and higher if parents have a college degree (only
significant for fathers).

Testing for differences between mother’s expectations about her child’s earnings and the youth’s
own expectations, we find that youths (in particular girls) expect much lower earnings than mothers,
consistent with previous results. This is true also for the old cohort (though only significant for
junior high school earnings of girls).

Tables 3 to 6 show that there is a considerable amount of heterogeneity in expectations. This
still holds after controlling for the extensive set of individual and family background characteristics
reflecting the importance of unobserved heterogeneity in cognitive and social skills and differences
in information sets e.g. about skill prices.'®

To conclude, the evidence of this section suggests that our sample of Mexican youths and their
mothers understand the expectation questions and give meaningful answers. At the same time
there are important differences in information sets between mothers and youths, as they differ
in their expectations about earnings of one and the same person —the youth herself-, suggesting
that conventional approaches using earnings realizations and strong assumptions on rationality
and information sets could be problematic. In particular it is impossible with such approaches
to address the question whose expectations matter for schooling choices. Data on parents’ and
youths’ subjective expectations on the other hand allow to gain insights into the intra-household
allocation process of human capital investments. Furthermore, we perform this analysis separately
for boys and girls and for the high school and college decision to understand if and how these intra-
household decision processes differ for children of different gender and age and also to compare the
role of different determinants of schooling, such as expected earnings and perceived risk, for male

and female youths.

5 Schooling Decisions and Returns to Schooling.

In this section, we address our two main questions of interest: First, we analyze whether expected
monetary returns and perceived risks (of unemployment and earnings) are important determinants
of schooling decisions. Second, we aim to shed light on the role of the youth in the intrahousehold
decision making process and analyze whether the role depends on age and gender of the youth. In
the last part of the section, we present additional robustness checks for our main analysis.

We report the results we obtain modeling the schooling decisions of the two cohorts we consider:
youths who have completed junior high school and decide whether to enrol in senior high school,

and youths who decide whether to enrol in college, having completed senior high school. For each

10An alternative explanation is that the remaining “heterogeneity” reflects noise. But we show that subjective
expectations are able to predict schooling choices even after controlling for an extensive set of individual and family
background characteristics. This suggests that at least part of the heterogeneity captures factors unobserved to the
researcher, such as skills and information about skill prices, which influence earnings expectations.
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of these two cohorts, we estimate the schooling decisions jointly for boys and girls. However, to
study gender differences, we interact all regressors with gender dummies. In the tables, we present

the estimation results in two separate columns.

5.1 Mother vs Youth Decision.

Having shown that mothers’ expectations are significantly different from those of their children, we
can sensibly address the question discussed in Section 2.2 about whose expectations are relevant
for education choices. With data on parents’ and youths’ expectations, one could model schooling
choices as potentially depending on both variables and check which, empirically, affect the enrolment
decision.

Unfortunately this simple strategy is not feasible because, while we do have information on
both mothers’ and youths’ expectations, we do not have them for the same individuals. As we
discussed above, we have two different samples, one with mother and one with youth respondents.
This feature of the data poses two problems. First, we cannot consider both expectations in the
same regression. Second, if we run separately two regressions, one with the youth expectations and
one with the mother expectations on the two different samples, we have to take into account the
fact that the two subsamples were not randomly selected (compare Section 4.3).

Dealing with the second problem is relatively straightforward. We can use the same sample
selection model that we use to correct the test of the differences between mother and youth ex-
pectations. When estimating a regression on one of the two subsamples, we can use once again
the exclusion restriction that the timing of the interview does not affect education choices, while
it determines significantly which of the two samples an individual observation belongs to, and cor-
rect our estimates using a Heckman-type selection equation (i.e. we estimate jointly the selection
equation and the main school choice equation using a Maximum Likelihood procedure).

Addressing the first problem with the data we have is much harder. Suppose that only mothers’
expectations matter for education decisions. In this case, the results from the sample where mothers
expectations are available would provide a consistent estimate of the effect of these expectations on
school enrolment. Instead, the results from the sample where only youth expectations are available
would provide inconsistent estimates, that is the coefficient on youth expectations might be zero
or, to the extent that youth expectations are somewhat correlated with mother expectations, could
attract a significant coefficient, albeit probably smaller in size, due to attenuation bias.

On the other extreme, if only the youth’s expectations matter, we would obtain consistent
estimates only from the sample with youth respondents and inconsistent estimates from the sample
with mothers respondents.

Thus what can we learn from our results? If we found that both mothers’ and youths’ expec-
tations are significant, this would imply that either both are involved in the decision or that their
expectations are correlated (and we would not be able to separately identify these two explana-
tions). If, on the other hand, we were to find that only the coefficient on mothers’ expectations
is significantly different from zero and significantly larger than the coefficient for the youths, this

evidence would suggest that mothers are responsible for the decision.
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5.1.1 College Attendance Choice

In Table 2, we have seen that 29% of male high school graduates enrol in college compared to 31%
of girls. We model the college attendance decision using Equation (2), which relates the proba-
bility of enrolment to a set of control variables and expected (gross) returns to college, perceived
unemployment and earnings risk under the two different schooling scenarios.

In Table 7, we present estimates for boys and girls in separate columns, although the coefficients
are estimated jointly in a model where all regressors are interacted with gender dummies to test for
gender differences. We report our estimates separately for youth respondents (Columns 1 and 2)
and mother respondents (Columns 3 and 4) taking into account the selected nature of the different
samples used. In the following tables, we report coefficient estimates, while we present the complete
set of tables with marginal effects in Appendix B, where regressors are evaluated at their median
values.

In terms of individual characteristics, academic performance, as measured by the GPA, is an
important determinant of the decision to attend senior high school for both boys and girls. Past
academic performance is both a measure of the psychological costs or benefits of getting further
education and also captures the likelihood of being able to complete senior high school (compare
Stinebrickner and Stinebrickner (2009)). As expected, also parental education is an important
determinant of the probability of going to senior high school.

Interestingly, higher parental income appears to be more important for girls than boys in the
decision to attend college. Cost variables, such as distance from university and the level of tuition
fees in nearby universities are also important determinants of the decision, even though the level
of tuition fees in a nearby university seems to affect only girls.

The key results of Table 7 are three: First, boys’ own expectations about returns to college are
a strongly significant predictor for their decision to enrol in college. For girls on the other hand,
the coefficient on their own expectations is not significantly different from zero. This result is not
driven by a larger standard error for the girls’ coefficient, i.e. it is not the case that the impact of
returns in girls choices is estimated less precisely. Instead the coefficient for girls is less than half
the size of the boys’ coefficient.!!

Second, mothers’ expectations are significant predictors in girls’ decisions to enrol in college,
while girls” own expectations are not significant. In particular, if the mother perceives a high likeli-
hood of her daughter finding a job with a college degree, this significantly increases the probability
of her daughter to attend college. For boys on the other hand, only their own expectations about
returns to college seem to matter. These results suggest that mothers take an important part in
the decision of their daughter to attend college, but not in their son’s decision.

Third, our data enable us to look at two potential determinants of schooling decisions which
have often been neglected in this analysis, that is the perceptions of unemployment and earnings
risk for different schooling levels. Since we found that people perceive lower unemployment and
lower earnings risk for higher schooling degrees (e.g. having a college degree reduces labor market

risk compared to a high school degree, see Tables 3 and 4), risk perceptions could be an important

11 Also both boys and girls expect high returns to schooling.
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additional determinant of schooling decisions in addition to expected returns. Data on people’s
subjective expectations allow us to derive a measure of “true” risk, as perceived by the individual,
while if one were to use the variability of observed earnings this would confound risk with unob-
served heterogeneity. Moreover, observed variability will not distinguish between predicted and
unpredicted changes.

We find that perceptions about unemployment risk are an important determinant for college
attendance decisions from the perspective of the mother. However, the coefficients on perceptions
about earnings risk are never significantly different from zero, neither for youth respondents nor
for mother respondents. As this suggests that risk perceptions of earnings are not important for
the college decision, we do not include them in the regressions, though including them would not
change the results (results available from the authors upon request).'?

One possible concern with respect to the previous analysis is that our data does not contain
information on fathers’ expectations, while it is possible that fathers’ expectations could be different
from mothers and play a role in the schooling decisions (as discussed in Section 3.2).

For this reason, we repeat the analysis above to compare our results to the results for the
subsample of households headed by single, separated, divorced or widowed women (which is the
case for about 16% of senior high school graduates, see Table 2). Since there is no father in
these households, there is obviously no need to have data on fathers’ expectations. We report the
coefficient estimates (and the coefficients on the rest of the variables considered in Table 7) in Table
8.

For the subsample of families without father, our previous results are confirmed. First, boys’
own expectations are strongly significant predictors of their college attendance decision (significant
on 1%), while mothers’ expectations are insignificant in the decision of boys. The coefficient on
expected returns for boys is significantly larger than for mothers. For girls on the other hand,
only mothers’ expectations matter. In particular, the coefficient on mothers’ perceptions of the
probability of work with college is significant (and significantly larger than for girls). Second, for
these types of families the coefficient on expected returns is significantly larger for boys than for
girls (on 2%).

In Section 5.2 we discuss in detail the robustness of our results and present supportive evidence
against the concern that these results might be driven by people rationalizing their choices ex-
post. Although we control for potential self-selection problems because of non-randomness of who
responds to the expectation questions, it is worthwhile to point out that self-selection does not
appear to be a problem in the case of the old cohort (we never reject that the correlation between
the error terms of selection equation and main equation is zero).

To summarize, our evidence shows that in the context of college enrolment decisions, there are
important gender differences in the determinants of school choices as well as in the intra-household
decision process. In particular, results suggest that mothers are involved in the college enrolment

decision of their daughters, but not in their sons’ decision. Boys in households without father on

121f it was just a matter of the risk perceptions of earnings being measured in a too noisy way, then we would expect
them to also be insignificant in the high school choice. But, as a preview, risk perceptions of both unemployment
and earnings risk turn out to be important for the high school attendance decision.
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the other hand seem to be the sole decision-maker with respect to their decision to attend college.

5.1.2 High School Attendance Choice

We now turn our attention to the decision to enrol or not in senior high school for youths who
have just finished junior high school. As shown in Table 1, around 78% of boys and 81% of girls
graduating from junior high school decide to enrol in senior high school. In Table 9, we report our
estimates separately for youth respondents (Columns 1 and 2) and mother respondents (Columns
3 and 4), taking into account the selected nature of the sample. Again we present estimates for
boys and girls in separate columns, although they are estimated simultaneously.

Individual and family background variables have the expected signs: the probability of senior
high school attendance is increasing in GPA and in parental education. A larger number of siblings
decreases the likelihood to continue schooling, in particular the presence of brothers. Surprisingly,
the negative effect is stronger on boys than girls.!® Being from a family in the lowest per capita
parental income category decreases the likelihood to enrol in high school (significant only for girls).

The key results of Table 9 are as follows: First, the expectations of the 15-year-old youths
appear not to matter in the decision to enrol in high school. Mothers’ expectations on the other
hand are a predictor of girls’ decision to enrol in high school, but not of the decision of boys. In
particular, if (in the case of girls) a mother perceives a higher probability that her daughter will
be employed with a junior high school degree, this lowers the probability of the daughter to enrol
in senior high school. If the mother on the other hand perceives a high probability of employment
with a college degree, this increases the likelihood of enrolment in senior high school, as one would
expect. The latter result suggests that having the option to enrol in college with a high school degree
can be important for the high school enrolment decision. For boys on the other hand, mothers’
expectations are not significant. Second, our results show that risk perceptions (of unemployment
and earnings) can be very important in schooling decisions. Interestingly, it appears that they
matter mostly from the perspective of the parents.

In a second step, we move our attention to the subsample of families without father, allowing
the coefficients on the expectations to be different this subsample, and report the results in Table
10. In families with a father present, youths’ expectations do not seem to matter. Mothers on
the other hand appear to be involved in both boys’ and girls’ decision to enrol in high school. For
example, a higher perceived earnings risk with a junior high school degree increases the likelihood
to enrol in senior high school (for boys), while a higher earnings risk with a senior high school
degree decreases the likelihood (for girls).

In families without father present, boys’ own expectations are significant for their schooling
decision, while mothers’ are not. The likelihood to enrol in high school increases in boys’ expected
returns to college (significant on 5%), in the probability of working with a college degree and with
a higher perceived variance of college earnings (as this increases the option value). For girls on the

other hand, mothers’ expectations are once again significant (girls’ own expectations are significant

13We controlled for the number of siblings also in the college enrolment decision, but these variables were never
significant and thus do not appear in the tables.
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in one instance with a —surprisingly— negative coefficient on the probability of working with a college
degree, which is significant on 10%).

Thus in the case of junior high school graduates, as for the older cohort, boys without father
seem to be the main decision maker for their schooling decision. In families with father on the
other hand, the expectations of the 15-year-old youths do not matter at all for the decision to enrol

in high school.

5.2 Robustness: Subjective Expectations and Endogeneity

In this section we discuss in detail concerns that are sometimes raised with respect to data on
subjective expectations. In particular, we discuss potential problems of endogeneity due to omitted

variables and due to reversed causality (ex-post rationalization).

Ex-Post Rationalization (or Reversed Causality)

The term “ex-post rationalization” describes the behavior of people who state beliefs to justify their
choices (ex-post), that is the decision affects the beliefs instead of beliefs affecting the decision. For
example, an individual might eat a whole cake and justify this decision by stating the belief that
otherwise the cake would have gone bad. In the context of this paper, one might be worried that
people decide to go to college for reasons other than expected monetary returns, and that they
justify this decision by stating high expected returns.

We think that ex-post rationalization of college enrolment, which would imply that the main
reason to attend college is its consumption value (or similar reason) rather than expected future
returns, is unlikely for poor Mexican youths.!* One could think that such an explanation might
ring true for rich or even middle class individuals, but not for individuals from extremely poor
families for whom college enrolment is often extremely difficult from a financial point of view.

However, to test the possibility that our respondents answer the expected return questions to
justify ex-post their choices, as the survey on expectations was conducted two-three months after
the schooling decision, we conduct the test that we discussed in Section 3.2. In particular, we
compare the cross-section of expected earnings for our cohorts of interest (i.e. students who had
just graduated from junior and senior high school before the survey) and cohorts that are one year
younger (and thus just starting grade 9 or 12). Let us first concentrate on the college enrolment
decision of senior high school graduates. If individuals rationalize their choices, we would expect
the following pattern: Individuals who decided to enrol in college rationalize their choice by stating
higher expected college earnings or lower high school earnings. Those individuals who decided not
to enrol state lower college earnings (or higher high school earnings). This would lead to a cross-
sectional distribution of expected earnings and returns that is more spread out for the cohort of
senior high school graduates who have decided already, compared to the distribution of the cohort

that is one year younger and just starting grade 12.' The same reasoning holds for perceptions of

14See below a discussion on alternative explanations, such as for example returns in the marriage market.
15This is true, unless people switch positions in the distribution in such a way that the resulting cross-section looks
exactly the same as before. This could only happen if people with particularly low expected college earnings are the
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the probability of working.

To test for differences between the distribution of expectations of those two adjacent cohorts, we
use a Kolmogorov-Smirnov test, which is a nonparametric test for the equality of continuous, one-
dimensional probability distributions. The null hypothesis is that the cross-sectional distribution of
-for example- expected returns is the same for the sample of junior (senior) high school graduates
and the sample of a cohort that is one year younger and just starting grade 9 (12).

In Tables 11 and 12 we report p-values of Kolmogorov-Smirnov tests for senior high school
graduates and junior high school graduates, respectively. We conduct the test for youth and
mother respondents separately and separately by gender for the different measures of subjective
expectations, i.e. for expected earnings for different schooling scenarios, expected returns (which
is the relevant variable we use in the main regression analysis instead of expected earnings) and
perceived risks.

Table 11 for senior high school graduates illustrates that for youth respondents the distribution
of expectations is the same for the senior high school graduates themselves compared to the cohort
that is one year younger. We never reject equality of distributions apart from one instance, that is
girls’ perceptions about the probability of working with a senior high school degree. In that case
the distribution of the older cohort is not more spread out, but some of the older girls seem to
have updated their beliefs about probability of working upward compared to the one-year younger
cohort (see Figure 1). At the same time, this is not driving any of our results because in any case
girls’ own expectations are never significant in the college attendance choice regression.

For mother respondents we reject equality of distributions of expected return for both boys
and girls on 1%. Again the distribution is not more spread out, but some mothers seem to have
updated their beliefs about expected returns upward (see Figure 2). In principle this could mean
that some mothers rationalize their children’s choice to go to college by stating higher expected
returns to college. But at the same time, mothers’ expectations about returns are never significant
in our regressions of college attendance, neither for girls nor for boys.

Table 12 illustrates the results of Kolmogorov-Smirnov tests for the cohort of junior high school
graduates. For youth respondents, we can reject equality of distributions in three instances: for
boys in terms of expected returns to high school and college and for girls in terms of perceived
probability of working with a senior high school degree. We only find one instance in which a
measure of subjective expectations is significant in the main results where rationalization could
potentially be a problem, that is expected college returns for boys when there is no father in the
household (otherwise boys’ expected returns are not significant, see main results Tables 9 to 10).
Therefore we perform the Kolmogorov-Smirnov test again for this subgroup of boys for expected
returns to high school and to college (see Figure 3). We cannot reject equality of distributions
of junior high school graduates (230 observations) and the cohort that is one year younger (70
observations) with p-values of 0.374 for return to high school and 0.514 for return to college.

Thus the result that expected returns to high school are significant for boys without father is not

ones who decide to attend college and later state high college earnings to rationalize their attendance decision, and
those with high expected college earnings are the ones who decide not to attend and later state low expected college
earnings.
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threatened by the concern of rationalization.

For mother respondents, equality of distributions can be rejected for expected high school
returns for boys and expected college returns for girls (see Table 12). Again neither of the two
measures of expected returns is significant in any of the regressions. Also the distributions of
perceived probability of working with high school and college degree have shifted for both boys and
girls to a very similar extent (not in terms of larger spread, but some mothers have revised their
beliefs upward, see Figure 4). This cannot explain why mothers’ beliefs about the probability of
work with a college degree is significant in explaining high school choices of girls, but not for boys.

We should also mention that if the results we have shown were driven by ex-post rationalization,
one would have to explain why the relationship is significant for boys but not for girl when youths’
respond, and vice versa when mothers respond. This would imply that boys engage in ex-post
rationalization but not girls, and mothers engage in ex-post rationalization but only in the case of
their daughters. If what we observe is due to ex-post rationalization, it must be the case that there
exists the idea (or norm/standard) in the population that the (main acceptable) reason for going
to school is to get higher earnings. If this norm existed for boys, for example, then it is hard to
explain why boys ex-post justify their decision evoking this norm, but mothers do not justify their

sons’ decisions in this way (and vice versa for girls).

Classical Endogeneity

Another concern with using subjective expectations as determinants of schooling choices is another
forms of endogeneity: the one that would arise from unobserved taste heterogeneity (or omitted
variables). Individuals who have high expected returns and go to college more often might also be
the ones who have high preferences for being in college or attach weight to other outcomes, which
are not measured, to which college is conducive. While we have discussed above the concern that
individuals go to college because of the consumption value of college, in the following we discuss the
concern that individuals might go to college because they expect returns other than labor market
returns. We have to ask ourselves what could be other outcomes that are (as or) more important
than expected monetary returns and correlated with the latter. One possibility are returns in the
marriage market.

Can this phenomenon explain our main results? One result is that expected returns to college
significantly increase the likelihood to go to college for boys, but not for girls. To explain a positive
coefficient on expected labor market returns for boys with an “omitted variable bias” story, one
would have to argue that there is a positive correlation between marriage market and labor market
returns for boys and boys care mostly about returns in the marriage market instead of labor market
returns. This seems hard to believe and runs contrary to the vast majority of papers on educational
choices.

Even if one believes that the coefficient on labor market returns could pick up effects of marriage
market returns for boys, we are less interested in the magnitude of the coefficient and more in the
differences between boys and girls and the differences between (male/female) youth respondents

and mother respondents. Thus, if it is true that labor and marriage market returns are positively
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correlated and therefore the coefficient on monetary returns picks up marriage market effects, then
it is hard to explain, why the coeflicient on expected monetary returns is positive for boys but zero
for girls. One explanation could be that girls neither care about their marriage market outcomes
nor about their labor market outcomes, but again it seems hard to believe that girls (in particular
from poor families) would decide to go to college based on something entirely different than labor
or marriage market returns.

Can the differential effect between mother and youth respondents be explained by endogeneity?
In particular, we find a positive and significant effect of boys’ expectations on their likelihood to go
to college, but no effect of mothers’ expectations for their sons. Also we find positive coefficients on
mothers’ expectations for girls’ decision to go to college, but no effects for girls’ own expectations.
It seems hard to come up with a story about omitted variables that can explain these results.

To conclude, in this section we provided evidence and discussed in detail why we believe that
endogeneity concerns do not affect our two main conclusions and cannot be driving these results:
there are significant differences in determinants between boys and girls and differential treatment

of boys and girls.

6 Conclusion

The results of this paper speak to several important questions about the determinants of invest-
ment in human capital among poor households in Mexico. In particular, we have analyzed how
expectations of future returns affect schooling decisions of two cohorts of Mexican children, one
cohort that has just completed junior high school and one that has just completed senior high
school. In doing so we consider not only the expected monetary returns (as expressed by future
earnings under different schooling alternatives) but also the risks involved with such choices.

Our main result is that the schooling decision is quite different for boys and girls in several
dimensions. Our results indicate that labor market expectations, such as expected monetary re-
turns, are important determinants of educational choices, but appear particularly important for
boys. Risk perceptions are particularly important from the perspective of the parents. In terms of
the intra-household decision process, mothers are always involved in the schooling decisions of their
daughters, but not of their sons. In households where the father is absent, our results suggest that
boys are the sole decision-maker with respect to both high school and college attendance choice.

We provide evidence that not only expected (monetary) returns matter for educational decisions,
but also risk perceptions. This result is important as these considerations have been neglected in
the literature, partly for the lack of appropriate data. We show how data on subjective expectations
allow us to address these issues directly, as well as help us to shed light on the intra-household
decision-making process. Our data on subjective expectations show that there are significant and
important differences in the expectations held by youths and their parents on the return to education
for the same youth. These differences can be due either to different information sets or to differences
in the way information is processed.

Direct data on people’s beliefs enable us to be agnostic about potential differences in information
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sets and ways of forming expectations between parents and youths and boys and girls. Avoiding
strong assumptions about how people form expectations and what information they possess is
crucial for our analysis, as results on gender differences in determinants of schooling and on intra-
household decision processes might be very sensitive to these assumptions.

Our results have important policy implications for the design of programs aiming at increasing
schooling, such as conditional cash transfer programs, fellowship programs, information campaigns
etc. For example, an improved understanding of intra-household decision processes for human
capital investments is crucial to determine who should receive the conditional cash or fellowship.
Furthermore, for the effective design of such programs, it is indispensable to understand, whether
there are differences in the determinants of schooling choices for boys and girls, and differences in
the intra-household decision process depending on the gender of the child.

Our paper adds to the literature on subjective expectations in illustrating that —also in devel-
oping countries, at least conditional on a certain level of education— people seem able and willing to
respond meaningfully to questions about their perceptions of future earnings and employment and
that these data can improve our understanding of important economic decisions, such as investment

into human capital.
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Table 1: Individual and Family-Background Characteristics: Junior High School Graduates

Junior HS Graduates: Total Boys Girls

Respondent: Boys Girls Diff Youth Mother Diff Youth Mother Diff

Mean/(SE) (P-Val) Mean/(SE) (P-Val) Mean/(SE) (P-Val)

Enrollment Rate: Senior HS 0.793  0.835  (0.009) 0.809 0.771  (0.135) 0.841 0.826  (0.498)
(0.405)  (0.371) (0.393)  (0.420) (0.366)  (0.379)

GPA of Jr HS (Scale 0-100) 79.323 82.358  (0.000) 79.087 79.642  (0-270) 82.059 82.818  (0.099)
(8.216)  (7.702) (8.035)  (8.452) (7.173)  (8.438)

Obese 0.022 0.025  (0.072) 0.027 0.016  (0-264) 0.019 0.032  (0.181)
(0.148)  (0.155) (0.161)  (0.129) (0.139)  (0.177)

Mother’s Educ - Primary 0.692  0.715  (0.281) 0.684 0.702  (0-561) 0.699 0.738  (0.182)
(0.462)  (0.451) (0.465)  (0.457) (0.458)  (0.439)

Mother’s Educ - Jr HS 0.269  0.244 (0217 0.272 0.265  (0-814) 0.252 0.233  (0.503)
(0.444)  (0.430) (0.445)  (0.442) (0.434)  (0.423)

Mother’s Educ - Sr HS 0.032 0.030  (0.798) 0.041 0.021  (0.089) 0.038 0.017  (0.047)
0.176)  (0.171) (0.198)  (0.143) (0.191)  (0.132)

Mother’s Educ - Univ 0.005 0.010  (0-291) 0.002 0.010 (0:132) 0.009 0.010  (0.975)
(0.175)  (0.099) (0.045)  (0.102) (0.099)  (0.100)

Father’s Educ - Primary 0.686  0.695  (0-727) 0.686 0.685  (0.972) 0.695 0.693  (0.963)
(0.464)  (0.461) (0.464)  (0.465) (0.461)  (0.461)

Father’s Educ - Jr HS 0.244 0.234  (0.648) 0.251 0.234  (0.609) 0.239 0.225  (0.664)
(0.429)  (0.423) (0.434)  (0.424) (0.427)  (0.418)

Father’s Educ - Sr HS 0.062 0.057  (0.708) 0.054 0.073  (0:329) 0.056 0.059  (0-848)
(0.242)  (0.233) (0.227)  (0.261) (0.231)  (0.237)

Father’s Educ - Univ 0.007 0.014  (0-230) 0.007 0.007  (0.943) 0.009 0.021 (0211
(0.085)  (0.116) (0.086)  (0.083) (0.094)  (0.144)

Per Cap Income - 5 to 10k 0.350 0.334 (0421 0.363 0.331 (0272 0.325 0.348  (0.406)
0.477)  (0.471) (0.481)  (0.471) (0.468)  (0.476)

Per Cap Income - above 10k 0.222 0.25  (0.106) 0.219 0.226  (0.789) 0.267 0.224  (0.084)
(0.416)  (0.433) (0.414)  (0.418) (0.442)  (0.417)

Father’s Occup - Unsk. Work  0.301 0.273 (0227 0.277 0.334  (0.086) 0.288 0.251  (0.237)
(0.459)  (0.446) (0.447)  (0.472) (0.453)  (0.434)

Father’s Occup - Employee 0.489 0.520  (0-209) 0.542 0.416  (0-000) 0.508 0.539  (0-373)
(0.500)  (0.499) (0.498)  (0.493) (0.500)  (0.499)

Father’s Occup - Employer 0.009  0.008  (0-890) 0.009 0.009  (0.978) 0.012 0.003  (0-121)
(0.094)  (0.091) (0.094)  (0.095) (0.108)  (0.055)

Father’s Occup - Self-Empl. 0.184  0.181  (0.908) 0.161 0.215  (0.054) 0.182 0.182  (1.000)
(0.387)  (0.385) (0.367)  (0.412) (0.386)  (0.386)

Father’s Occup - Fam. Work 0.016 0.015  (0-851) 0.011 0.024  (0-182) 0.009 0.024  (0.133)
(0.128)  (0.123) (0.105)  (0.154) (0.099)  (0.154)

No Father in Household 0.208 0.254  (0.008) 0.215 0.199  (0:514) 0.262 0.241  (0-396)
(Mother Single/Sep/Div) (0.406)  (0.435) (0.411)  (0.399) (0.440)  (0.428)

Number of Male Siblings 1.43 1.354  (0.116) 1.38 1.496  (0.103) 1.35 1.36  (0:884)
(1.163)  (1.179) (1.137)  (1.195) (1.198)  (1.149)

Number of Female Siblings 1.411 1.446 (0477 1.381 1.452  (0:334) 1.403 1.514  (0.118)
(1.206)  (1.221) (1.166)  (1.259) (1.208)  (1.239)
Observations 1111 1253 638 473 759 494
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Table 2: Individual and Family-Background Characteristics: Senior High School Graduates

Senior HS Graduates: Total Boys Girls

Respondent: Boys Girls Diff Youth Mother Diff Youth Mother Diff

Mean/(SE) (P-Val) Mean/(SE) (P-Val) Mean/(SE) (P-Val)

Enrollment Rate: College 0.289  0.316  (0-114) 0.243 0.325  (0.001) 0.237 0.401  (0-000)
(0.453)  (0.645) (0.429)  (0.468) (0.426)  (0.490)

GPA of Jr HS (Scale 0-100) 81.460 82.922 (0000) 81032  81.816 (0063 3021  82.818 (0.656)
(7.819)  (9.623) (6.722)  (8.578) (7.419)  (11.519)

Obese 0.021 0.031  (0.096) 0.018 0.023  (0-595) 0.032 0.030  (0-819)
(0.144)  (0.173) (0.136)  (0.150) (0.176)  (0.171)

Mother’s Educ - Primary 0.800  0.782  (0.286) 0.794 0.805  (0:674) 0.791 0.772  (0.455)
(0.400)  (0.413) (0.405)  (0.397) (0.407)  (0.419)

Mother’s Educ - Jr HS 0.173 0.179  (0.724) 0.181 0.168  (0-590) 0.171 0.188  (0.442)
(0.378)  (0.383) (0.385)  (0.374) (0.376)  (0.391)

Mother’s Educ - Sr HS 0.020 0.036  (0.022) 0.018 0.022  (0.651) 0.033 0.039  (0-599)
(0.141)  (0.187) (0.133)  (0.147) (0.180)  (0.194)

Mother’s Educ - Univ 0.005 0.002 (0-24) 0.007 0.005  (0.729) 0.005 0.000  (0.083)
(0.076)  (0.050) (0.082)  (0.071) (0.071)  (0.000)

Father’s Educ - Primary 0.760  0.754  (0.772) 0.747 0.769  (0.445) 0.763 0.746  (0.529)
0.427)  (0.43) (0.435)  (0.421) (0.425)  (0.436)

Father’s Educ - Jr HS 0.183 0.187  (0.826) 0.191 0.176  (0:574) 0.181 0.192  (0.674)
(0.386)  (0.389) (0.394)  (0.381) (0.386)  (0.394)

Father’s Educ - Sr HS 0.045 0.047  (0-831) 0.053 0.039  (0:372) 0.051 0.043  (0.575)
(0.207)  (0.212) (0.224)  (0.195) (0.220)  (0.204)

Father’s Educ - Univ 0.011  0.011  (0.955) 0.008 0.014  (0.433) 0.004 0.018  (0.033)
(0.107)  (0.105) (0.091)  (0.117) (0.064)  (0.135)

Per Cap Income - 5 to 10k 0.262 0.283  (0.216) 0.252 0.271  (0.429) 0.269 0.298  (0.223)
(0.440)  (0.451) (0.434)  (0.445) (0.444)  (0.457)

Per Cap Income - above 10k 0.184  0.183  (0.935) 0.187 0.181  (0-811) 0.179 0.187  (0.661)
(0.388)  (0.386) (0.390)  (0.385) (0.383)  (0.390)

Father’s Occup - Unsk. Work 0.443  0.430  (0-559) 0.408 0.469  (0.057) 0.413 0.448  (0.236)
(0.497)  (0.495) (0.492)  (0.499) (0.493)  (0.497)

Father’s Occup - Employee 0.278  0.284 (0.727) 0.312 0.252  (0.038) 0.312 0.256  (0.035)
(0.448)  (0.451) (0.464)  (0.434) (0.464)  (0.437)

Father’s Occup - Employer 0.006  0.009  (0-349) 0.005 0.007  (0.634) 0.014 0.005  (0-150)
(0.077)  (0.098) (0.069)  (0.084) (0.116)  (0.073)

Father’s Occup - Self-Empl. 0.234  0.241 (0.725) 0.229 0.238  (0.745) 0.226 0.256  (0.247)
(0.423)  (0.427) (0.421)  (0.426) (0.419)  (0.437)

Father’s Occup - Fam. Work 0.038 0.034  (0-599) 0.045 0.034  (0-362) 0.034 0.034  (0.987)
(0.192)  (0.182) (0.208)  (0.181) (0.182)  (0.182)

No Father in Household 0.153  0.160  (0-592) 0.182 0.130  (0.011) 0.166 0.155  (0-553)
(Mother Single/Sep/Div) (0.360)  (0.367) (0.386)  (0.337) 0.372)  (0.362)

Number of Male Siblings 1.444 1.361 (0.07) 1.379 1.496  (0.095) 1.312 1.413  (0.096)
(1.27)  (1.171) (1.274)  (1.265) (1.122) (1.22)

Number of Female Siblings 1.263 1.457  (0.000) 1.237 1.285  (0.457) 1.417 1.499  (0-228)
(1.164) (1.314) (1187)  (1.145) (0.301)  (1.327)

Distance to Univ - 20 to 40km 0.243 0.263  (0-242) 0.25 0.239  (0.626) 0.267 0.258  (0-698)
(0.420)  (0.44) (0.433)  (0.426) (0.443)  (0.438)

Distance to Univ - above 40km 0.237 0218 (0249 0.235 0.239  (0-871) 0.204 0.234  (0.166)
(0.425)  (0.414) (0.424)  (0.426) (0.403)  (0.423)

Tuition Costs - above 750 pesos  0.391  0.366  (0-169) 0.449 0.344  (0.001) 0.416 0.312  (0.000)
(0.488)  (0.482) (0.498)  (0.475) (0.493)  (0.463)
Observations 1320 1509 583 737 778 731
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Table 3: Subjective Expectations of Future Earnings: Junior High School Graduates

Junior HS Graduates Boys Girls
Resp: Youth Mother Corr Diff Youth Mother Corr Diff
(Y-M) (Y-M)
Mean/(SE) (P-Val) Mean/(SE) (P-Val)
Exp Log Earnings
- Junior HS 7.059 7.232 -0.201 7.005 7.217 -0.632
(0.608) (0.489) (0.214)  (0.589) (0.451) (0.000)
- Senior HS 7.614 7.764 -0.004 7.585 7.724 -0.441
(0.536) (0.425) (0.976)  (0.550) (0.421) (0.005)
- College 8.243 8.361 -0.023 8.209 8.31 -0.185
(0.502) (0.416) (0.865)  (0.521) (0.438) (0.208)
Exp Return
- Senior HS 0.555 0.532 0.197 0.579 0.506 0.191
(0.321) (0.307) (0.037)  (0.315) (0.269) (0.035)
- College 0.628 0.597 -0.019 0.625 0.586 0.256
(0.368) (0.304) (0.850)  (0.355) (0.326) (0.017)
Std Dev of Log Earn
- Junior HS 0.077 0.071 0.044 0.076 0.07 0.045
(0.048) (0.045) (0.003)  (0.047) (0.045) (0.003)
- Senior HS 0.067 0.059 0.025 0.063 0.062 0.007
(0.043) (0.037) (0.037)  (0.039) (0.043) (0.587)
- College 0.054 0.052 0.014 0.055 0.053 0.010
(0.037) (0.033) (0.171)  (0.037) (0.037) (0.370)
Prob of Work
- Junior HS 0.495 0.515 0.063 0.476 0.523 -0.081
(0.210) (0.218) (0.313)  (0.214) (0.209) (0.203)
- Senior HS 0.677 0.674 0.109 0.661 0.675 0.016
(0.173) (0.171) (0.035)  (0.192) (0.169) (0.765)
- College 0.826 0.824 0.066 0.826 0.812 0.030
(0.166) (0.148) (0.158)  (0.164) (0.157) (0.530)
Observations 638 473 759 494

Notes: The “Corrected Difference” between the expectations of mother and youth corrects for sample selection by instrumenting for who responds
to the expectation questions. As instruments we use variables that capture the timing of the interview, which are strong predictors for who

responds (see First-stage Tables).
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Table 4: Subjective Expectations of Future Earnings: Senior High School Graduates

Senior HS Graduates: Boys Girls
Resp: Youth Mother Corr Diff Youth Mother Corr Diff
(Y-M) (Y-M)
Mean/(SE) (P-Val) Mean/(SE) (P-Val)
Exp Log Earnings
- Senior HS 7.618 7.648 0.075 7.525 7.637 -0.123
(0.497) (0.444) (0.758) (0.507) (0.418) (0.401)
- College 8.267 8.317 0.153 8.236 8.308 0.010
(0.646) (0.440) (0.526) (0.485) (0.426) (0.943)
Exp Return
- College 0.648 0.669 0.078 0.711 0.671 0.133
(0.359) (0.365) (0.681)  (0.407) (0.364) (0.277)
Std Dev of Log Earn
- Senior HS 0.065 0.059 -0.015 0.063 0.060 0.010
(0.039) (0.036) (0.463)  (0.039) (0.038) (0.431)
- College 0.054 0.053 -0.012 0.054 0.050 0.007
(0.033) (0.033) (0.486)  (0.035) (0.030) (0.498)
Prob of Work
- Senior HS 0.661 0.653 0.011 0.664 0.644 0.218
(0.173) (0.180) (0.909)  (0.188) (0.178) (0.001)
- College 0.821 0.813 -0.054 0.825 0.813 0.065
(0.161) (0.154) (0.512)  (0.161) (0.156) (0.201)
Observations 583 737 778 731

Notes: The “Corrected Difference” between the expectations of mother and youth corrects for sample selection by instrumenting for who responds
to the expectation questions. As instruments we use variables that capture the timing of the interview, which are strong predictors for who

responds (see First-stage Tables).
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Table 5: Differences between Mothers’ and Youths’ Expectations: Junior High School Graduates

Dep Var: Expected Log Earnings
Boys Girls
Jr HS Sr HS College Jr HS Sr HS College
Coeff/(SE) Coeff/(SE)

Youth Respondent -0.263  -0.075 -0.221  -0.705%**  -(.543%** -0.333*
(Instrumented) (0.190)  (0.166)  (0.162) (0.214) (0.195)  (0.182)
GPA of Junior HS (0-100) 0.000 0.000 -0.001 -0.000 0.000 0.000
(0.002)  (0.002) (0.002) (0.002) (0.002) (0.002)
Obese -0.050 -0.051 -0.037 -0.141 -0.128 -0.098
(0.110)  (0.095) (0.093) (0.107) (0.097) (0.091)
Number of Brothers -0.032**  -0.021* -0.020 0.007 0.007 -0.001
(0.014)  (0.013)  (0.012) (0.015) (0.014) (0.013)
No Father in HH (Mother Single/Sep/Div) 0.025 0.057 0.049 0.007 -0.000 0.030
(0.047)  (0.041)  (0.040) (0.049) (0.044) (0.041)
Mother’s Educ - Jr HS -0.025 -0.036 0.015 -0.075* -0.049 -0.030
(0.041)  (0.036) (0.035) (0.042) (0.039) (0.036)
Father’s Educ - Jr HS -0.066 0.003 -0.030 0.080 0.064 0.072%*
(0.048)  (0.042) (0.041) (0.050) (0.046) (0.043)
Per cap Income - 5 to 10k -0.019 0.017 0.037 0.042 0.080**  0.092%**
(0.039)  (0.033)  (0.033) (0.040) (0.036) (0.034)
Per cap Income - more than 10k -0.014  -0.005 0.030 0.084* 0.073*  0.108***
(0.046)  (0.040) (0.040) (0.048) (0.044) (0.041)
Father’s Occup - Employer 0.032  0.329*  0.382** -0.135 -0.343*  -0.471%*
(0.202)  (0.175)  (0.172) (0.222) (0.203) (0.188)
Observations 1111 1111 1111 1253 1253 1253
R-Squared 0.148 0.162 0.106 . . 0.042
Adjusted R-Squared 0.128 0.143 0.085 . . 0.023
First-stage F-Stat 12.14 12.14 12.14 10.90 10.90 10.90

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: not obese, father in household,
mother’s and father’s education primary or less, father’s occupation worker, per capita income less than 5000 pesos. All specifications include state
dummies. The regressor “Youth Respondent” is instrumented for by variables characterizing the timing of the interview (Dummy for Weekday,
Dummy for Week 41 or 42 (holiday weeks), Dummy for Week 45 or 46), which are strongly significant predictors of whether the youth is at home

when the interviewer arrives and thus responds herself to the expectation questions.
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Table 6: Differences between Mothers’ and Youths’ Expectations: Senior High School Graduates

Dep Var: Expected Log Earnings

Boys Girls
Sr HS College Sr HS College

Coeff/(SE) Coeff/(SE)

Youth Respondent -0.171 -0.090 -0.259%* -0.134
(Instrumented) (0.198) (0.196) (0.155) (0.154)
GPA of Junior HS (0-100) 0.001  0.004**  0.003*%**  0.005%**
(0.002)  (0.002) (0.001) (0.001)
Obese 0.115 0.085 0.050 0.026
(0.087)  (0.086) (0.067) (0.066)
Number of Female Siblings 0.024** 0.022%* -0.005 0.001
(0.011) (0.011) (0.010) (0.009)
No Father in HH (Mother Single/Sep/Div) 0.021 0.028 -0.061* -0.061*
(0.045) (0.044) (0.035) (0.035)
Mother’s Educ - Jr HS 0.003 0.013  -0.104***  -0.080**
(0.037)  (0.037) (0.035) (0.035)
Mother’s Educ - Univ 0.017 0.166 0.114 0.251
(0.187) (0.184) (0.270) (0.269)
Father’s Educ - Univ -0.130 0.007 0.251* 0.188
(0.150)  (0.148) (0.147) (0.147)
Per cap Income - 5 to 10k 0.064** 0.008 0.035 0.008
(0.032)  (0.031) (0.029) (0.029)
Per cap Income - more than 10k 0.082** 0.039 0.044 0.013
(0.037) (0.036) (0.035) (0.035)
Father’s Occup - Employee -0.050 -0.004 -0.049  -0.078**
(0.039) (0.039) (0.034) (0.034)
Father’s Occup - Fam. Worker -0.085 -0.115 -0.119  -0.158**
(0.077)  (0.076) (0.074) (0.074)
Observations 1320 1320 1509 1509
R-Squared 0.116 0.091 0.099 0.065
Adjusted R-Squared 0.098 0.074 0.084 0.049
First-stage F-Stat 7.16 7.16 11.80 11.80

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: not obese, father in household,
mother’s and father’s education primary or less, father’s occupation worker, per capita income less than 5000 pesos. All specifications include state
dummies. The regressor “Youth Respondent” is instrumented for by variables characterizing the timing of the interview (Dummy for Weekday,
Dummy for Week 40 to 42 (holiday weeks), Dummy for Week 45 or 46), which are strongly significant predictors of whether the youth is at home
when the interviewer arrives and thus responds herself or whether the mother answers to the expectation questions.
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Table 7: College Attendance Choice: Youth and Mother Expectations

Dependent Variable College Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return - College 0.379** 0.175 -0.004 0.218
(0.166) (0.132) (0.142) (0.141)
Prob of Work - Sr HS -0.550 0.296 -0.526 0.080
(0.441) (0.357) (0.365) (0.349)
Prob of Work - College 0.153 0.095 0.473  0.990**
(0.469) (0.411) (0.416) (0.388)
Obese -0.375 -0.723* -0.322 -0.364
(0.578) (0.388) (0.331) (0.298)
Number of Siblings -0.007 0.009 0.024 0.015
(0.037) (0.034) (0.031) (0.032)
GPA of Jr HS (0-100) 0.029%%*  0.026***  0.021*** 0.008*
(0.007) (0.006) (0.005) (0.004)
No Father in Household 0.406** -0.063 0.187 -0.026
(0.187) (0.160) (0.173) (0.148)
Mother’s Educ - Jr HS 0.288* -0.012  0.371**  0.370%***
(0.166) (0.159) (0.148) (0.143)
Mother’s Educ - Sr HS 0.409 0.551* 0.932%** 0.675**
(0.473) (0.323) (0.390) (0.286)
Father’s Educ - Jr HS 0.060 0.353%* 0.238 -0.027
(0.191) (0.164) (0.157) (0.154)
Father’s Educ - Sr HS 0.528%* 0.451 -0.008 0.521%*
(0.319) (0.280) (0.314) (0.306)
Per cap Income - below 5k 0.121 -0.174 -0.213%* -0.164
(0.147) (0.132) (0.120) (0.128)
Per cap Income - above 10k 0.188  0.450%** 0.269*  0.575***
(0.176) (0.151) (0.146) (0.141)
Father’s Occup - Employee 0.191 0.067 -0.176 0.244*
(0.170) (0.141) (0.150) (0.144)
Father’s Occup - Fam Worker 0.096 -0.472  -0.843** -0.216
(0.350) (0.410) (0.416) (0.322)
Dist to Univ 20 to 40km -0.351** -0.256* 0.026 0.140
(0.156) (0.131) (0.132) (0.122)
Dist to Univ above 40km -0.165  -0.518%** 0.153 0.141
(0.175) (0.159) (0.151) (0.148)
Tuition more than 750 Pesos 0.047  -0.716%** -0.062 -0.235
(0.195) (0.180) (0.169) (0.172)
Observations 2829 2829
Censored Obs 1468 1361
Log Likelihood -2515.239 -2720.632
Sample Sel: Corr of Errors (P-Val) 0.149 (0.652) -0.091 (0.772)

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: not obese, father in household,
mother’s and father’s education primary or less, father’s occupation worker, per capita income between 5000 and 10000 pesos, distance to university
less than 20km, tuition costs less than 750 pesos. All specifications include state dummies. Two categories of father’s occupation (self-employed

and employer) are not displayed due to space constraints (insignificant).
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Notes:

Table 8: College Attendance Choice: No Father in Household (Mother Single/Sep/Div)

Dependent Variable

College Attendance Decision
Mother Respondent

Youth Respondent

Boys Girls Boys Girls
Expected Return College * Father in Household 0.259 0.041 -0.04 0.035
(0.194) (0.155) (0.157) (0.156)
Prob of Work Sr HS * Father in Household -0.915* 0.012 -0.634 0.071
(0.539) (0.398) (0.396) (0.402)
Prob of Work College * Father in Household 0.067 -0.200 0.501 0.260
(0.496) (0.388) (0.388) (0.393)
Expected Return College * No Father in Household — 1.297*** 0.127 -0.451 0.519
(0.395) (0.306) (0.424) (0.346)
Prob of Work Sr HS * No Father in Household -0.003 0.874 -1.204 0.746
(0.896) (0.927) (1.037) (0.833)
Prob of Work College * No Father in Household -0.405 -0.533 0.526 2.296**
(1.050) (1.046) (1.257) (1.051)
Obese -0.361 -0.663* -0.352 -0.371
(0.586) (0.390) (0.332) (0.299)
GPA of Jr HS (0-100) 0.028*** 0.027**%%  0.016%** 0.010%**
(0.007) (0.006) (0.005) (0.004)
No Father in Household -0.424 -0.410 0.787  -2.496%**
(0.861) (0.684) (0.816) (0.849)
Mother’s Educ - Jr HS 0.287* -0.002 0.363** 0.352**
(0.168) (0.159) (0.148) (0.145)
Mother’s Educ - Sr HS 0.342 0.553* 0.951** 0.691**
(0.472) (0.330) (0.390) (0.287)
Father’s Educ - Jr HS 0.099 0.375%* 0.242 -0.023
(0.193) (0.165) (0.157) (0.154)
Father’s Educ - Sr HS 0.613* 0.489* -0.006 0.475
(0.322) (0.283) (0.314) (0.305)
Per cap Income - below 5k 0.154 -0.17 -0.205%* -0.131
(0.149) (0.133) (0.121) (0.129)
Per cap Income - above 10k 0.193  0.440%** 0.271*  0.562%**
(0.180) (0.151) (0.146) (0.142)
Father’s Occup - Fam Worker 0.123 -0.463  -0.832** -0.166
(0.352) (0.415) (0.414) (0.318)
Dist to Univ 20 to 40km -0.378** -0.252%* 0.031 0.128
(0.159) (0.131) (0.132) (0.122)
Dist to Univ above 40km -0.154  -0.505*** 0.171 0.147
(0.177) (0.161) (0.151) (0.148)
Tuition more than 750 Pesos 0.022  -0.695%** -0.071 -0.213
(0.199) (0.179) (0.170) (0.172)
Observations 2829 2829
Censored Obs 1468 1361
Log Likelihood -2509.603 -2719.807

Sample Sel: Corr of Errors (P-Val)

0.114 (0.740)

-0.155 (0.626)

Table displays coefficients and standard errors in brackets.

* p<0.1 ** p<0.05 *** p<0.01.

Excl. categories:

not obese, father in

household, mother’s and father’s education primary or less, father’s occupation worker, per capita income between 5000 and 10000 pesos, distance

to university less than 20km, tuition costs less than 750 pesos. All specifications include state dummies. The coefficient on numbers of siblings

and three categories of father’s occupation (employee, self-employed and employer) are not displayed (insignificant).
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Table 9: High School Attendance Choice: Youth and Mother Expectations

Dependent Variable High School Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return - Sr HS -0.060 0.146 0.239 -0.078
(0.204) (0.190) (0.246) (0.281)
Expected Return - College 0.219 0.232 -0.005 -0.224
(0.169) (0.175) (0.240) (0.240)
Prob of Work - Jr HS 0.098 0.046 0.530 -0.817*
(0.378) (0.331) (0.444) (0.475)
Prob of Work - Sr HS -0.047 -0.184 -0.884 -0.086
(0.502) (0.442) (0.639) (0.626)
Prob of Work - College 0.652 -0.205 0.869 1.075%*
(0.405) (0.458) (0.557) (0.543)
Var of Log Earn - Jr HS 4.626 10.010 12.784 -7.731
(6.506) (8.017) (8.250) (8.328)
Var of Log Earn - Sr HS 12.180 -10.609 -9.004  -16.763*
(9.484) (8.181)  (11.111) (9.021)
Var of Log Earn - College HS 5.770 7.270 -10.691 7.430
(11.140)  (10.815)  (12.668) (10.417)
Number of Male Siblings -0.166*** -0.085* 0.031 0.028
(0.054) (0.048) (0.060) (0.068)
Number of Female Siblings -0.119** -0.052 -0.106* 0.056
(0.052) (0.048) (0.054) (0.061)
GPA of Jr HS (0-100) 0.027%%%  0.034%*%*  (0.025%*%*  0.031***
(0.006) (0.007) (0.007) (0.007)
No Father in Household -0.105 0.403** 0.248 -0.231
(0.166) (0.172) (0.200) (0.220)
Mother’s Educ - Jr HS 0.253 0.407** 0.361%* 0.548**
(0.169) (0.173) (0.200) (0.229)
Father’s Educ - Jr HS 0.079 0.153 0.443* -0.016
(0.192) (0.180) (0.231) (0.234)
Per cap Income - below 5k 0.165 -0.052 -0.205  -0.513%**
(0.153) (0.148) (0.176) (0.187)
Father’s Occup - Self-Empl 0.246 0.413** -0.212 -0.121
(0.220) (0.204) (0.220) (0.277)
Father’s Occup - Fam Worker 5.344 -0.091 0.289 -0.976*
(5101.242) (0.706) (0.497) (0.507)
Observations 2364 2364
Censored Obs 967 1397
Log Likelihood -1983.456 -1838.484
Sample Sel: Corr of Errors (P-Val) -0.507 (0.053) 0.301 (0.414)

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: not obese, father in household,
mother’s and father’s education primary or less, father’s occupation worker, per capita income between 5000 and 10000 pesos. All specifications

include state dummies.
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Table 10: High School Attendance Choice: No Father in Household (Mother Single/Sep/Div)

Dependent Variable High School Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return Sr HS * Father in Household -0.339 0.102 0.057 -0.156
(0.240) (0.215) (0.294) (0.338)
Expected Return College * Father in Household 0.024 0.190 -0.177 -0.446
(0.191) (0.209) (0.283) (0.286)
Prob of Work Jr HS * Father in Household 0.479 0.095 1.099**  -1.333**
(0.479) (0.402) (0.541) (0.615)
Prob of Work Sr HS * Father in Household -1.000 -0.004 -1.179 0.504
(0.665) (0.552) (0.757) (0.873)
Prob of Work College * Father in Household 0.711 -0.261 0.877 0.188
(0.476) (0.473) (0.606) (0.715)
Var of Log Earn Jr HS * Father in Household 3.864 11.634 18.602* -3.915
(7.981) (9.871)  (11.030)  (10.667)
Var of Log Earn Sr HS * Father in Household 11.937 -10.361 -10.887  -21.457**
(11.070) (9.422)  (12.721) (10.943)
Var of Log Earn College * Father in Household -3.520 8.452 -25.096 -2.866
(11.505)  (13.546)  (17.250)  (13.338)
Expected Return Sr HS * No Father in Household 0.485 -0.096 0.135 -0.353
(0.494) (0.458) (0.639) (0.603)
Expected Return College * No Father in Household 0.923%* 0.266 0.321 -0.011
(0.441) (0.395) (0.683) (0.506)
Prob of Work Jr HS * No Father in Household -0.814 -0.463 -1.233 -0.042
(0.796) (0.755) (1.298) (1.068)
Prob of Work Sr HS * No Father in Household 1.645% 1.316 -2.110 -2.496*
(0.929) (1.034) (2.177) (1.416)
Prob of Work College * No Father in Household 0.268 -2.307* 1.066 2.189*
(0.909) (1.342) (1.855) (1.165)
Var of Log Earn Jr HS * No Father in Household -0.146 15.584 18.473 -20.670
(21.395)  (21.282)  (20.069) (19.946)
Var of Log Earn Sr HS * No Father in Household -0.365 14.842 33.416 -3.288
(27.502)  (31.459)  (46.968)  (31.298)
Var of Log Earn College * No Father in Household 91.004* -3.960 27.282 83.934
(48.877)  (24.718)  (40.221)  (61.462)
Number of Male Siblings -0.156***  -0.099** 0.009 0.033
(0.055) (0.048) (0.063) (0.071)
Number of Female Siblings -0.142%** -0.066  -0.117** 0.050
(0.053) (0.049) (0.057) (0.064)
GPA of Jr HS (0-100) 0.032%**  0.029***  (.022%** 0.034***
(0.006) (0.006) (0.007) (0.007)
No Father in Household -2.086** 1.489 1.219 -0.799
(0.848) (1.040) (1.364) (1.022)
Mother’s Educ - Jr HS 0.293%* 0.438%* 0.406* 0.585%*
(0.177) (0.174) (0.208) (0.241)
Father’s Educ - Jr HS 0.108 0.133 0.433* -0.038
(0.195) (0.183) (0.236) (0.244)
Per cap Income - below 5k 0.150 -0.073 -0.231  -0.558***
(0.157) (0.150) (0.180) (0.193)
Father’s Occup - Self-Empl 0.211 0.399* -0.337 -0.062
(0.231) (0.208) (0.227) (0.291)
Father’s Occup - Fam Worker 7.357 -0.078 0.28 -1.092**
. (0.719) (0.514) (0.502)
Observations 2364 2364
Censored Obs 967 1397
Log Likelihood -1977.423 -1822.286
Sample Sel: Corr of Errors (P-Val) 41 -0.456 (0.083) 0.099 (0.794)

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: not obese, father in household,
mother’s and father’s education primary or less, father’s occupation worker, per capita income between 5000 and 10000 pesos. All specifications

include state dummies.



Table 11: College Attendance Choice: Rationalization of Choices

Mother Resp
Boys Girls
P-Val of KS-Test

Youth Resp
Boys Girls
P-Val of KS-Test

Exp Log Earnings

- Senior HS 0.557 0.650 0.939 0.002

- College 0.972 0.415 0.030 0.076
Exp Return

- College 0.412 0.134 0.007 0.002
Prob of Work

- Senior HS 0.604 0.034 0.884 0.662

- College 1.000 0.300 0.954 0.827
Observations
(Sen HS Grads/Grade 12) 583/212 778/257 737/298 731/375

Notes: Table displays the p-values of Kolmogorov-Smirnov tests of equality of distributions. The null hypothesis is that the cross-sectional

distribution of -for example- expected returns is the same for the sample of senior high school graduates (whose schooling decision we are analyzing)

and the sample of a cohort that is one year younger and just starting grade 12 (who have thus not decided yet about whether to enrol in college

or not).

Figure 1: Comparing Expectations of Senior High School Graduates with a One-Year Younger
Cohort: Youth Respondents

Youth Resp: Prob of Work — Boys Youth Resp: Prob of Work — Girls
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Figure 2: Comparing Expectations of Senior High School Graduates with a One-Year Younger
Cohort: Mother Respondents

Mother Resp: Exp Return — Boys Mother Resp: Exp Return — Girls

1 d 4 1
Expected Return Expected Return

Boys starting grade 12 Girls starting grade 12
fffffff Boys who completed grade 12 ------- Girls who completed grade 12

Table 12: High School Attendance Choice: Rationalization of Choices

Youth Resp Mother Resp
Boys Girls Boys Girls
P-Val of KS-Test P-Val of KS-Test

Junior HS Graduates
Exp Log Earnings

- Junior HS 0.767 0.693 0.000 0.000

- Senior HS 0.532 0.454 0.000 0.002

- College 0.314 0.117 0.000 0.071
Exp Return

- Senior HS 0.089 0.358 0.089 0.598

- College 0.090 0.290 0.554 0.086
Prob of Work

- Junior HS 0.608 0.605 0.134 0.616

- Senior HS 0.310 0.045 0.001 0.008

- College 0.978 0.299 0.000 0.089
Observations

(Jun HS Grads/Grade 9) 683/119 759/141 473/267 494/197

Notes: Table displays the p-values of Kolmogorov-Smirnov tests of equality of distributions. The null hypothesis is that the cross-sectional
distribution of -for example- expected returns is the same for the sample of junior high school graduates (whose schooling decision we are analyzing)
and the sample of a cohort that is one year younger and just starting grade 9 (who have thus not decided yet about whether to enrol in senior
high school or not).
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Figure 3: Comparing Expectations of Junior High School Graduates with a One-Year Younger
Cohort: Youth Respondents - Boys Without Father
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P-Value of KS test is 0.374. Obs of two cohorts 70 and 231. P-Value of KS test is 0.514. Obs of two cohorts 70 and 231.

Figure 4: Comparing Expectations of Junior High
Cohort: Mother Respondents

School Graduates with a One-Year Younger
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Appendix B: Robustness Checks

First-Stage Results

Table 13: First-stage Regression for Whether the Youth Responds Herself: Young Cohort

Dep Var: Youth Respondent: Yes/No
Instruments 1  Instruments 2  Instr and Controls
Coeff/(SE) Coeff/(SE) Coeff/(SE)
Interview on a Weekday -0.081*** -0.093** -0.045
(0.029) (0.039) (0.029)
Interview in Week 41 or 42 0.153%** 0.161*** 0.141%***
(0.021) (0.029) (0.021)
Interview in Week 45 or 46 -0.127*** -0.089** -0.081***
(0.032) (0.043) (0.031)
Female 0.040 -0.082
(0.057) (0.215)
Interview on a Weekday * Male 0.029
(0.058)
Interview in Week 41 or 42 * Male -0.017
(0.043)
Interview in Week 45 or 46 * Male -0.081
(0.063)
GPA of Jr HS (0-100) * Male -0.003*
(0.002)
GPA of Jr HS (0-100) * Female -0.003
(0.002)
Father’s Occup - Employee * Male 0.064*
(0.036)
Father’s Occup - Employee * Female -0.045
(0.035)
Number of Siblings No No Not Sign
Dummy for No Father in HH No No Not Sign
Dummies for Mother’s Educ No No Not Sign
Dummies for Father’s Educ No No Not Sign
Dummies for Parental Income No No Not Sign
State Dummies No No Yes
Observations 2364 2364 2364
F-Statistik 32.452 14.595 8.441
R-Squared 0.040 0.042 0.144
Adjusted R-Squared 0.038 0.039 0.127

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: Interview on a weekend,
interview in week 43 or 44 (weeks 41 and 42 are holidays), not obese, mother’s and father’s education primary or less, father’s occupation worker,

per capita income between 5000 and 10000 pesos. The last specification includes state dummies, which are also interacted with the gender dummy.



Table 14: First-stage Regression for Whether the Youth Responds Herself: Old Cohort

Dep Var: Youth Respondent: Yes/No
Instruments 1  Instruments 2  Instr and Controls
Coeff/(SE) Coeff/(SE) Coeff/(SE)
Interview on a Weekday -0.069*** -0.087** -0.065**
(0.026) (0.034) (0.026)
Interview in Week 40 to 42 0.115%** 0.129%%* 0.122%%*
(0.023) (0.031) (0.023)
Interview in Week 45 or 46 -0.055%* -0.072%* -0.071%**
(0.022) (0.030) (0.023)
Female 0.114%** -0.258
(0.053) (0.190)
Interview on a Weekday * Male 0.046
(0.051)
Interview in Week 40 to 42 * Male -0.031
(0.046)
Interview in Week 45 or 46 * Male 0.039
(0.044)
GPA of Jr HS (0-100) * Male -0.005%**
(0.002)
GPA of Jr HS (0-100) * Female -0.000
(0.001)
Number of Siblings * Male -0.010
(0.008)
Number of Siblings * Female -0.019**
(0.008)
No Father in Household * Male 0.136***
(0.042)
No Father in Household * Female -0.001
(0.038)
Father’s Occup - Employee * Male 0.103%%**
(0.037)
Father’s Occup - Employee * Female 0.063*
(0.034)
Dummies for Mother’s Educ No No Not Sign
Dummies for Father’s Educ No No Not Sign
Dummies for Parental Income No No Not Sign
Dummies for Dist to College No No Not Sign
Dummy for Tuition Costs No No Not Sign
State Dummies No No Yes
Observations 2829 2829 2829
F-Statistik 18.284 10.376 5.114
R-Squared 0.019 0.025 0.081
Adjusted R-Squared 0.018 0.023 0.065

Notes: Table displays coefficients and standard errors in brackets. * p<0.1 ** p<0.05 *** p<0.01. Excl. categories: Interview on a weekend,
interview in week 43 or 44 (weeks 40 to 42 are holidays), not obese, mother’s and father’s education primary or less, father’s occupation worker,
per capita income less than 5000 pesos, distance to university less than 20km, tuition costs less than 750 pesos. The last specification includes

state dummies, which are also interacted with the gender dummy.
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Descriptive Statistics: Earnings Expectations and Census Earnings

Concerning the comparison of expectations to Census earnings, we are particularly interested in
the pattern for the different respondents, that is for boys and girls and for youth and mother
respondents. We use Census data of the year 2000 and compute average log earnings (by gender
and by schooling degree) in the municipality of residence for each youth in the sample. While the
expectations questions refer to earnings at age 25, we use earnings of individuals who are between
25 and 30 years old to get a sufficiently large sample size for each municipality.

While the comparison between the subjective expectations data and the Census data is certainly
informative, if nothing else to check whether the subjective expectations data are roughly of the
same order of magnitude, a direct comparison and a formal test of equality between the two would
be misleading. There are many reasons why the Census data and the subjective expectations would
be different. First, the former refer to a specific year (2000) and are therefore affected by specific
aggregate shocks that might have been relevant in that year. To test some version of Rational
expectations, one would need several years of realizations to average out aggregate shocks. Second,
the data refer to individuals who were between 25 and 30 in 2000 and therefore belong to a different
cohort from the individuals whose expectations were elicited in our survey (who are around 15 or
18 in 2005, and who were asked about their expected earnings when they are 25). Finally, the
Census data report realizations for individuals who self-selected into a specific education level and
do not contain “counterfactual” earnings, which are instead elicited in the expectations questions.

From these considerations, it should be clear that to establish whether the elicited expectations
are ‘rational’ is probably impossible. And, in a sense, it is not too important: for modeling education
choices what matters is whether the elicited expectations reflect the subjective expectations that
people base their decisions on.

Table 15 presents mean expected earnings based on the distribution of earnings and Census
earnings for different schooling degrees. Mean earnings are presented separately for boys and girls
and mother and youth respondent. To correct for sample selection we present estimates that are
based on the Heckman selection correction (again using the timing of the interview as an exclusion
restriction). Estimates for the old (young) cohort are in the top (bottom) part of the table.

For the young cohort, all respondents expect lower junior high school earnings than observed
in the Census. Youth respondents expect slightly lower senior high school earnings and similar
college earnings. Mothers in general expect higher earnings and thus their expectations are closer
to actually observed senior high school earnings but higher than currently observed college earnings.
The old cohort expects similar high school earnings and higher college earnings. This pattern is
consistent with a recent trend of a decrease of junior high school earnings in real terms, stagnating
senior high school earnings and a rise in college earnings.

Girls responding themselves expect lower earnings than boys. The expected gender gap is similar
to the one observed in Census earnings in 2000 with the exception of junior high school earnings,
for which the actual gender gap is larger than expected. Also mothers expect their daughters to
earn less than their sons (with one exception for the young cohort for senior high school earnings).

In terms of returns, girls’ and boys’ expectations are similar for returns to high school, while
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girls expect higher returns to college. According to current Census earnings, returns are indeed
larger for girls for both schooling degrees. While girls’ return expectations are slightly higher than

observed, boys’ expectations are much larger than observed returns.

Table 15: Expected Earnings of Mothers and Youths and Realized Census Earnings (With Heckman
Selection Correction)

Boys Girls
Respondent: Youth Mother Youth Mother
Mean Mean Mean Mean
Old Cohort
Exp Log Earnings
- Senior HS 7.829 7.746 7.377 7.371
(0.201) (0.151)  (0.142) (0.134)
- College 8.506 8.406 8.254 8.206

(0.200) (0.151)  (0.137) (0.129)

Log Census Earnings

- Senior HS 7.720 7.508 7.647 7.195
(0.119) (0.121)  (0.101) (0.138)

- College 8.294 8.200 8.054 8.143
(0.128) (0.114)  (0.075) (0.102)

Observations 507 605 585 542

Young Cohort
Exp Log Earnings

- Junior HS 6.982 7.089 6.539 7.133
(0.108) (0.121)  (0.138) (0.136)
- Senior HS 7.580 7.522  7.242 7.641
(0.095) (0.108)  (0.122) (0.127)
- College 8.132 8200  7.898 7.917

(0.090) (0.101)  (0.117) (0.146)

Log Census Earnings

- Junior HS 7.580 7.328 6.973 7.178
(0.058) (0.085)  (0.066) (0.106)

- Senior HS 7.907 7.682 7.566 7.324
(0.039) (0.061)  (0.046) (0.096)

- College 8.179 7.961 8.153 7.799
(0.051) (0.083)  (0.040) (0.088)

Observations 599 437 631 424

Notes: In this table we use Census data of the year 2000 and compute average log earnings (by gender and by schooling degree) in the municipality
of residence for each youth in the sample. For this reason average Census earnings can differ between youth and mother sample, because the
individuals in the two samples come from different municipalities. This table differs in the number of observations compared to the main tables,
because for some municipalities in which junior and senior high school graduates live, we do not have Census data. Therefore we drop observations
with missing information on actual earnings in this table (to compare expectations with actual earnings for the same municipalities), while we

keep those observations for the main analysis.
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Main Results: Tables With Marginal Effects

Table 16: College Attendance Choice: Youth and Mother Expectations - Marginal Effects

Dependent Variable College Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return - College 0.091* 0.042 -0.001 0.063
(0.047) (0.032) (0.041) (0.042)
Prob of Work - Sr HS -0.132 0.071 -0.151 0.023
(0.115) (0.087) (0.115) (0.100)
Prob of Work - College 0.037 0.023 0.136 0.285%*
(0.113) (0.098) (0.125) (0.129)
Obese -0.074  -0.115** -0.080 -0.089
(0.092) (0.057) (0.078) (0.067)
GPA of Jr HS (0-100) 0.007*%**  0.006***  0.006%** 0.002%*
(0.003) (0.002) (0.002) (0.001)
No Father in Household 0.117* -0.015 0.000 -0.007
(0.061) (0.037) (0.063) (0.042)
Mother’s Educ - Jr HS 0.079 -0.003  0.121** 0.121%*
(0.055) (0.038) (0.058) (0.053)
Mother’s Educ - Sr HS 0.118 0.167  0.340** 0.238**
(0.162) (0.125) (0.156) (0.115)
Father’s Educ - Jr HS 0.015 0.100%* 0.075 -0.008
(0.049) (0.059) (0.057) (0.044)
Per cap Income - above 10k 0.050  0.132** 0.085  0.198***
(0.053) (0.059) (0.052) (0.058)
Father’s Occup - Self-Empl -0.064* -0.026 -0.051 0.013
(0.039) (0.035) (0.037) (0.040)
Father’s Occup - Fam Worker 0.024 -0.087  -0.160** -0.057
(0.092) (0.064) (0.077) (0.078)
Dist to Univ 20 to 40km -0.070%* -0.054* 0.008 0.043
(0.034) (0.032) (0.039) (0.039)
Dist to Univ above 40km -0.036  -0.093** 0.047 0.043
(0.036) (0.039) (0.050) (0.046)
Tuition more than 750 Pesos 0.012  -0.115** -0.018 -0.061
(0.049) (0.048) (0.047) (0.047)
Observations 2829 2829
Censored Obs 1468 1361
Log Likelihood -2515.239 -2720.632
Sample Sel: Corr of Errors (P-Val) 0.149 (0.652) -0.091 (0.772)

Notes: Table displays marginal effects (regressors are evaluated at their median values) and standard errors in brackets. * p<0.1 ** p<0.05 ***
p<0.01. Excl. categories: not obese, father in household, mother’s and father’s education primary or less, father’s occupation worker, per capita
income between 5000 and 10000 pesos, distance to university less than 20km, tuition costs less than 750 pesos. All specifications include state

dummies. Two categories of father’s occupation (employee and employer) are not displayed (insignificant).



Table 17: College Attendance Choice: No Father in Household - Marginal Effects

Dependent Variable College Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return College * Father in Household 0.08 0.013 -0.013 0.011
(0.062) (0.048) (0.051) (0.051)
Prob of Work Sr HS * Father in Household -0.281 0.004 -0.207 0.023
(0.180) (0.122) (0.139) (0.131)
Prob of Work College * Father in Household 0.021 -0.061 0.164 0.085
(0.152) (0.122) (0.133) (0.127)
Expected Return College * No Father in Household — 0.399*** 0.039 -0.147 0.169
(0.154) (0.094) (0.142) (0.121)
Prob of Work Sr HS * No Father in Household -0.001 0.269 -0.393 0.243
(0.276) (0.290) (0.348) (0.277)
Prob of Work College * No Father in Household -0.125 -0.164 0.171 0.749**
(0.324) (0.323) (0.411) (0.377)
Obese -0.096 -0.152%* -0.101 -0.106
(0.132) (0.079) (0.089) (0.078)
GPA of Jr HS (0-100) 0.009*%**  0.008***  0.005*** 0.003**
(0.003) (0.003) (0.001) (0.001)
No Father in Household -0.109 -0.106 0.298  -0.262**
(0.183) (0.151) (0.325) (0.126)
Mother’s Educ - Jr HS 0.097 -0.001 0.130** 0.126**
(0.063) (0.049) (0.059) (0.054)
Mother’s Educ - Sr HS 0.117 0.198 0.361%* 0.260**
(0.177) (0.135) (0.147) (0.113)
Father’s Educ - Jr HS 0.032 0.129* 0.084 -0.008
(0.064) (0.067) (0.061) (0.050)
Father’s Educ - Sr HS 0.222* 0.173 -0.002 0.174
(0.130) (0.113) (0.102) (0.122)
Per cap Income - above 10k 0.063 0.154%** 0.095%  0.208***
(0.064) (0.063) (0.055) (0.056)
Father’s Occup - Fam Worker 0.04 -0.117  -0.192%** -0.051
(0.117) (0.090) (0.088) (0.092)
Dist to Univ 20 to 40km -0.099** -0.070%* 0.01 0.043
(0.045) (0.040) (0.044) (0.043)
Dist to Univ above 40km -0.045  -0.125%** 0.059 0.050
(0.049) (0.048) (0.055) (0.051)
Tuition more than 750 Pesos 0.007  -0.157%** -0.023 -0.065
(0.062) (0.061) (0.054) (0.053)
Observations 2829 2829
Censored Obs 1468 1361
Log Likelihood -2509.603 -2719.807
Sample Sel: Corr of Errors (P-Val) 0.114 (0.740) -0.155 (0.626)

Notes: Table displays marginal effects (regressors are evaluated at their median values) and standard errors in brackets. * p<0.1 ** p<0.05 ***
p<0.01. Excl. categories: not obese, father in household, mother’s and father’s education primary or less, father’s occupation worker, per capita
income between 5000 and 10000 pesos, distance to university less than 20km, tuition costs less than 750 pesos. All specifications include state

dummies.
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Table 18: High School Attendance Choice: Youth and Mother Expectations - Marginal Effects

Dependent Variable High School Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return - Sr HS -0.017 0.042 0.09 -0.029
(0.059) (0.057) (0.094) (0.104)
Expected Return - College 0.063 0.067 -0.002 -0.084
(0.051) (0.055) (0.090) (0.088)
Prob of Work - Jr HS 0.028 0.013 0.199 -0.306*
(0.109) (0.096) (0.168) (0.172)
Prob of Work - Sr HS -0.014 -0.053 -0.332 -0.032
(0.145) (0.128) (0.242) (0.235)
Prob of Work - College 0.188 -0.059 0.326 0.403*
(0.126) (0.130) (0.215) (0.214)
Var of Log Earn - Jr HS 1.332 2.883 4.794 -2.899
(1.908) (2.428) (3.116) (3.146)
Var of Log Earn - Sr HS 3.508 -3.055 -3.376 -6.286*
(2.855) (2.456) (4.170) (3.360)
Var of Log Earn - College HS 1.662 2.094 -4.009 2.786
(3.224) (3.195) (4.765) (3.968)
Number of Male Siblings -0.048%** -0.025%* 0.012 0.011
(0.018) (0.013) (0.023) (0.026)
Number of Female Siblings -0.034** -0.015 -0.040* 0.021
(0.016) (0.013) (0.021) (0.024)
GPA of Jr HS (0-100) 0.008***  0.010*%**  (0.009*%**  0.012***
(0.003) (0.003) (0.003) (0.003)
No Father in Household -0.032 0.097** 0.088 -0.090
(0.052) (0.044) (0.068) (0.084)
Mother’s Educ - Jr HS 0.065 0.097** 0.124%* 0.178%*
(0.042) (0.043) (0.067) (0.075)
Mother’s Educ - Sr HS 0.085  0.210%** 0.362%* -0.023
(0.091) (0.070) (0.185) (0.252)
Father’s Educ - Jr HS 0.022 0.041 0.149** -0.006
(0.052) (0.046) (0.075) (0.088)
Father’s Educ - Sr HS 0.138* 0.095 0.244%* 0.077
(0.077) (0.074) (0.135) (0.177)
Per cap Income - below 5k 0.044 -0.015 -0.079  -0.201%**
(0.039) (0.044) (0.068) (0.072)
Father’s Occup - Self-Empl 0.064 0.099** -0.082 -0.046
(0.053) (0.048) (0.084) (0.106)
Father’s Occup - Fam Worker 0.210%** -0.027 0.102  -0.371%**
(0.070) (0.218) (0.164) (0.177)
Observations 2364 2364
Censored Obs 967 1397
Log Likelihood -1983.456 -1838.484
Sample Sel: Corr of Errors (P-Val) -0.507 (0.053) 0.301 (0.414)

Notes: Table displays marginal effects (regressors are evaluated at their median values) and standard errors in brackets. * p<0.1 ** p<0.05 ***
p<0.01. Excl. categories: not obese, father in household, mother’s and father’s education primary or less, father’s occupation worker, per capita

income between 5000 and 10000 pesos. All specifications include state dummies.
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Table 19: High School Attendance Choice: No Father in Household - Marginal Effects

Dependent Variable High School Attendance Decision
Youth Respondent Mother Respondent
Boys Girls Boys Girls
Expected Return Sr HS * Father in Household -0.085 0.026 0.014 -0.037
(0.064) (0.055)  (0.071) (0.081)
Expected Return College * Father in Household 0.006 0.048 -0.042 -0.106
(0.048) (0.055)  (0.070) (0.085)
Prob of Work Jr HS * Father in Household 0.12 0.024 0.262 -0.318
(0.125) (0.101)  (0.185) (0.219)
Prob of Work Sr HS * Father in Household -0.251 -0.001 -0.281 0.120
(0.179) (0.139)  (0.234) (0.217)
Prob of Work College * Father in Household 0.179 -0.066 0.209 0.045
(0.129) (0.117)  (0.183) (0.176)
Var of Log Earn Jr HS * Father in Household 0.971 2.923 4.441 -0.935
(2.028) (2.575)  (3.413) (2.614)
Var of Log Earn Sr HS * Father in Household 2.999 -2.603 -2.599 -5.122
(2.889) (2.446)  (3.300) (3.477)
Var of Log Earn College * Father in Household -0.884 2.124 -5.991 -0.684
(2.903) (3.458)  (5.038) (3.167)
Expected Return Sr HS * No Father in Household 0.122 -0.024 0.032 -0.084
(0.127) (0.115)  (0.154) (0.149)
Expected Return College * No Father in Household 0.232%* 0.067 0.077 -0.003
(0.127) (0.101)  (0.167) (0.121)
Prob of Work Jr HS * No Father in Household -0.205 -0.116 -0.294 -0.010
(0.206) (0.192)  (0.337) (0.255)
Prob of Work Sr HS * No Father in Household 0.413 0.331 -0.504 -0.596
(0.258) (0.273)  (0.585) (0.452)
Prob of Work College * No Father in Household 0.067 -0.58 0.254 0.523
(0.229) (0.365)  (0.456) (0.383)
Var of Log Earn Jr HS * No Father in Household -0.037 3.915 4.410 -4.935
(5.375)  (5.443)  (5.290) (5.372)
Var of Log Earn Sr HS * No Father in Household -0.092 3.729 7.977 -0.785
(6.909) (7.944)  (11.780) (7.492)
Var of Log Earn College * No Father in Household 22.865%* -0.995 6.513 20.038
(13.522) (6.208)  (10.008)  (17.606)
Number of Male Siblings -0.039**  -0.025** 0.002 0.008
(0.017) (0.012)  (0.015) (0.018)
Number of Female Siblings -0.036** -0.017 -0.028 0.012
(0.016) (0.012)  (0.020) (0.018)
GPA of Jr HS (0-100) 0.008***  0.007*** 0.005 0.008*
(0.003) (0.002)  (0.004) (0.005)
No Father in Household -0.701%** 0.161** 0.143 -0.260
(0.180) (0.063)  (0.119) (0.392)
Mother’s Educ - Jr HS 0.063* 0.087** 0.078 0.100
(0.037) (0.039)  (0.057) (0.071)
Mother’s Educ - Sr HS 0.061  0.168%** 0.155 -0.001
(0.085) (0.063)  (0.126) (0.156)
Father’s Educ - Sr HS 0.127** 0.074 0.119 0.043
(0.059) (0.064)  (0.095) (0.107)
Per cap Income - below 5k 0.035 -0.019 -0.062 -0.169*
(0.035) (0.041)  (0.056) (0.089)
Father’s Occup - Self-Empl 0.048  0.081** 0.000 -0.015
(0.048) (0.041)  (0.073) (0.073)
Father’s Occup - Fam Worker 0.168*** -0.020 0.000 -0.376*
(0.063) (0.194)  (0.096) (0.193)
Observations 2364 2364
Censored Obs viii 967 1397
Log Likelihood -1977.423 -1822.286
Sample Sel: Corr of Errors (P-Val) -0.456 (0.083) 0.099 (0.794)

Notes: Table displays marginal effects (regressors are evaluated at their median values) and standard errors in brackets. * p<0.1 ** p<0.05 ***
p<0.01. Excl. categories: not obese, father in household, mother’s and father’s education primary or less, father’s occupation worker, per capita

income between 5000 and 10000 pesos. All specifications include state dummies. Two categories of father’s occupation (employee and employer)



